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5 Placed in a market based on all other underw riting factors
3 N ot given a quote
4  A ttempt to order credit

Homeowners
6______Not issued a policy
0______ Non-renewed
0______ Cancelled
0______ Given the best rate or placed in the best tier
0______ Given the worst rate or placed in the worst tier
0______ Given some intermediate rate or placed in an intermediate tier
________Other (please specify)

3 Given a quote, but the policy will not be issued w ithout
using credit history

4 A ttempt to order credit
53. If a consumer is a “no hit” (the company can find no credit information on the applicant), but 

meets all other eligibility criteria, how is the consumer treated?

Auto
3______ Not issued a policy
0______ Non-renewed
0______ Cancelled
3______ Given the best rate or placed in the best tier
0______ Given the worst rate or placed in the worst tier
9______ Given some intermediate rate or placed in an intermediate tier
________Other (please specify)

7 Assigned a mathematical weight 
1 Offered coverage in another company 
5 Placed in a company based on all other underwriting factors 
3 Assigned the worst credit score category 
3 Assigned an average credit score

Homeowners
0______ Not issued a policy
0______ Non-renewed
 0______ Cancelled
 1_______Given the best rate or placed in the best tier
 0______ Given the worst rate or placed in the worst tier
 1_______Given some intermediate rate or placed in an intermediate tier
________ Other (please specify)

4 Assigned a mathematical weight
3 Placed in a company based on all other underwriting factors 
2 Assigned an average credit score

54. If a consumer is a “no score” (the company is unable to calculate a credit score for the 
consumer), but meets all other eligibility criteria, how is the consumer treated?

Auto
1 Not issued a policy
0______ Non-renewed
 0______ Cancelled
 1______ Given the best rate or placed in the best tier
0 Given the worst rate or placed in the worst tier
9 Given some intermediate rate or placed in an intermediate tier
_______ Other (please specify)
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7 Assigned a mathematical weight
1 O ffered coverage in another company
5 Plat*,.' in a company based on all other underw riting factors 
3 Assigned the worst credit score category 
3 Assigned an average credit score
2 Given the best rate in a standard company

Homeowners
0______ Not issued a policy
0 Non-renewed
 0 Cancelled
 1 Given the best rate or placed in the best tier
 0 Given the worst rate or placed in the worst tier
 1 Given some intermediate rate or placed in an intermediate tier
_______ Other (please specify)

4 Assigned a mathematical weight
1 Placed in a company based on all other underw riting factors
2 Assigned an average credit score

55. When a policy is written for multiple insureds, whose credit history is considered in the ratin 
or underwriting of the policy?

Auto
3 The consumer with the best credit score0______ The consumer with the worst credit score
11_____ The consumer who is the first named insured
17_____ The consumer who is the first named applicant
 0 All consumers and an average credit score is developed
 1 The consumer selected by the insured or applicant0______ The husband's0______ The wife’s
_______ Other (please specify)

2 First two applicants
3 Spouse when named insured is a no-hit o r no-score
2 Person in household most likely to have complete credit history 

(usually oldest male driver under 65)
Homeowners
1______ The consumer with the best credit score
0______ The consumer with the worst credit score
5_______ The consumer who is the first named insured
5_______ The consumer who is the first named applicant
0______ All consumers and an average credit score is developed
0______ The consumer selected by the insured or applicant
0 The husband’s
0 The wife’s
________Other (please specify)

2 First two applicants *
3 Named insured and spouse

56. Is a consumer’s credit score or credit information used as eligibility criteria for the type of 
payment plan offered to an insured?

One auto and one homeowners insurer use credit history to determ ine eligibility for the 
type o f payment plan offered to the insured.
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57. Is a consumer’s credit score or credit information used in the decision to deny a claim?

No insurers use credit history to deny a claim .
58. Is a consumer’s credit score or credit information used to settle a claim for a certain amount? 

No insurers use credit history to settle a claim for a specified amount.
59. Describe any other uses that your company makes of credit history.
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Automobile In su ran t e Com panies
Active companies as of September 30, 2002

A I U  I n s u r a n c e  C o m p a n y  ( A I G )

Allstate Insurance Company 
Company
A l l s t a t e  I n d e m n i t y  C o m p a n y  

C o m p a n y

A m e r i c a n  H o m e  A s s u r a n c e  C o m p a n y  ( A I G )

A m e r i c a n  I n t e r n a t i o n a l  I n s u r a n c e  C o m p a n y  ( A I G )

C o u n t r y  C a s u a l t y  I n s u r a n c e  C o m p a n y  

C o u n t r y  M u t u a l  I n s u r a n c e  C o m p a n y  

C o u n t r y  P r e f e r r e d  I n s u r a n c e  C o m p a n y  

E l e c t r i c  I n s u r a n c e  C o m p a n y

F i r s t  N a t i o n a l  I n s u r a n c e  C o m p a n y  o f  A m e r i c a  ( S A F E C O )

G E I C O  C a s u a l t y  I n s u r a n c e  C o m p a n y

G E I C O  G e n e r a l  I n s u r a n c e  C o m p a n y

G E I C O  I n d e m n i t y  C o m p a n y

G e n e r a l  I n s u r a n c e  C o m p a n y  o f  A m e r i c a  ( S A F E C O )

G o v e r n m e n t  E m p l o y e e s  I n s u r a n c e  C o m p a n y  

I n s u r a n c e  C o m p a n y  o f  t h e  S t a t e  o f  P e n n s y l v a n i a  ( A I G )

I n s u r a n c e  C o .

N a t i o n a l  U n i o n  F i r e  I n s u r a n c e  C o m p a n y  o f  P i t t s b u r g h  ( A I G )

S A F E C O  I n s u r a n c e  C o m p a n y  o f  A m e r i c a

S A F E C O  I n s u r a n c e  C o m p a n y  o f  I l l i n o i s

S t a t e  F a r m  F i r e  a n d  C a s u a l t y  C o m p a n y

S l a t e  F a r m  M u t u a l  A u t o  I n s u r a n c e  C o m p a n y

U n i t e d  S e r v i c e s  A u t o m o b i l e  A s s o c i a t i o n

U S A A  C a s u a l t y  I n s u r a n c e  C o m p a n y

USAA General Indemnity Company

Credit Information Used for Rating

American Economy Insurance Company (insurQuest)
American States Insurance Company (insurQuest)
Country Casualty Insurance Company
General Insurance Company of America (insurQuest)
Horace Mann Property & Casualty Insurance Company
Leader Insurance Company
Progressive Casualty Insurance Company
Progressive Northwestern Insurance Company
Progressive Specialty Insurance Company
United Services Automobile Association
USAA Casually Insurance Company
USAA Genera! Indemnity Company
Worldwide Insurance Company

Credit Information Used For Underwriting

A m e r i c a n  B a n k e r s  I n s u r a n c e  C o m p a n y  o f  F lo r ida  

American Family Home Insurance

A m e r i c a n  M a n u f a c t u r e r s  M u t u a l  I n s u r a n c e

A m e r i c a n  M o d e r n  H o m e  I n s u r a n c e  C o m p a n y  

A m e r i c a n  P r e m i e r  I n s u r a n c e  C o m p a n y  

A m e r i c a n  P r o t e c t i o n  I n s u r a n c e  C o m p a n y  

A r n i c a  M u t u a l  I n s u r a n c e  C o m p a n y  

C i n c i n n a t i  I n s u r a n c e  C o m p a n y  

F e d e r a l  I n s u r a n c e  C o m p a n y  

H a r i e y s v i l l e  I n s u r a n c e  C o m p a n y  

H a r t f o r d  A c c i d e n t  &  I n d e m n i t y  C o m p a n y  

H a r t f o r d  I n s u r a n c e  C o m p a n y  o f  t h e  M i d w e s t  

H o r a c e  M a n n  I n s u r a n c e  C o m p a n y  

L i b e r t y  M u t u a l  F i r e  I n s u r a n c e  C o m p a n y  

M a r k e l  I n s u r a n c e  C o m p a n y  

M e t r o p o l i t a n  G r o u p  P r o p e t y  &  C a s u a l t y

N o r t h l a n d  C a s u a l t y  C o m p a n y  

S e n t r y  S e l e c t  I n s u r a n c e  C o m p a n y  

T e a c h e r s  I n s u r a n c e  C o m p a m  ( H o r a c e  M a n m  

V i g i l a n t  n s u r a n c e  C o m p a n y  

W i n d s o r  I n s u r a n c e  C o m p a r e

Credit Information Not Used
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Allstate Insurance Company 
Allstate Indemnity Company 
Armed Forces Insurance Exchange 
Country Mutual Insurance Company 
Electric Insurance Company
First National Insurance Company o f America (SAFECO)
General Insurance Company of America (SAFECO)
Nationwide Mutual Fire Insurance Company 
SAFECO Insurance Company of America 
SAFECO Insurance Company of Illinois 
Vesta Insurance Corporation

Credit Information Used for Rating

American International Insurance Company (AIG)

Credit Information Not Used

American Bankers Insurance Company of Florida
American Equity Insurance Company
American Manufacturers Mutual Insurance Company
American Protection Insurance Company
Cincinnati Insurance Company
Empire Fire & Marine Insurance Company
Federal Insurance Company
Hartford Insurance Company of the Midwest
Harleysville Insurance Company
Horace Mann Insurance Company
Liberty Mutual Fire Insurance Company
Metropolitan Group Property & Casualty Insurance Company
Sentry Select Insurance Company
State Farm Fire and Casualty Company
Umiaiik Insurance Company
United Services Automobile Association
USAA Casualty Insurance Company
Vigilant Insurance Company

Homeowners Insurance Com panies
Active companies as of September 30, 2002

Credit Information Used For Underwriting
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I. About Privacy

The Consumer Federation o f America (CFA) and the National Credit Reporting 
Association (NCRA) designed the details o f this study with advice from legal counsel to 
ensure the methodology would comply with the requirements o f the Fair Credit Reporting 
Act, Gramm Leach Bliley Act, and other consumer privacy laws. From the outset, each 
organization was mindful o f the ethical spirit and intent o f these consumer protection and 
privacy laws. In this day of rampant identification theft, we carefully evaluated each 
segment o f the study workflow to ensure that we analyzed data extracted from the credit 
files without any trace o f personal identifiers. Regarding consumer identity, all non­
public, personal information data was completely “blind” as to a source for analysis. No 
names, addresses, social security numbers, dates o f birth, account numbers, or any other 
item that could be used in any way to trace back to a specific consumer were revealed to 
or recorded by any third party outside trusted personnel o f the consumer reporting 
agencies involved in the study. In one phase o f the study the recorded data segment 
closest to the consumer was the postal zip code of their residence.

After CFA made a random selection o f the time frame from which credit files were to be 
analyzed, a generic number was assigned to keep the nameless study data from each 
study fife separated from other study files. No copies or partial copies o f any credit 
reports, on paper or electronically, were removed from any credit reporting agency 
location. Anonymous credit scores and an analysis o f the credit data, as reviewed by 
credit reporting agency personnel for security and industry knowledge, was supervised 
and recorded by the CFA researcher for tabulation. The data elements recorded in this 
study are insufficient to ever be used to track or identify any individual. Further, the 
analytical data recorded, if ever obtained by unscrupulous individuals, contains no 
information that could ever be used to try to defraud any of the consumers or creditors 
connected to the files in the study. Total anonymity to consumer identity and creditor 
accounts was, and will continue to be, strictly enforced.
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Consumer access to credit, housing, insurance, basic utility services, and even 
employment is increasingly determined by centralized records o f credit history and 
automated interpretations of those records.

Credit histories in one form or another have long been an important factor in decisions to 
extend or deny credit to consumers1. Historically, such decisions required a skilled, 
human evaluation o f the information in an applicant’s credit history to determine the 
likelihood that the applicant would repay a future loan in a timely manner. More 
recently, computer models have been developed to perform such evaluations. These 
models produce numerical credit scores that function as a shorthand version o f an 
applicant’s credit history to facilitate quick credit assessments.

During the second half o f  the 1990s, mortgage underwriting increasingly incorporated 
credit scores and other automated evaluations o f credit histories. As o f 1999, 
approximately 60 to 70 percent o f all mortgages were underwritten using an automated 
evaluation of credit, and the share was rising".

The automated quantification of the information in credit reports has not simply been 
used to decide whether or not to extend credit, but has also been used to set prices and 
terms for mortgages and other consumer credit. In certain cases, even very small 
differences in scores can result in substantially higher interest rates, and less favorable 
loan terms on new loans. Credit scores are also used to determine the cost o f private 
mortgage insurance, which protects the lender, not the consumer, from loss but is 
required on mortgages with down payments o f less than twenty percent3. Lenders also 
review credit histories and/or credit scores to evaluate existing credit accounts, and use 
the information when deciding to change credit limits, interest rates, or other terms on 
those accounts.

In addition to lenders, potential landlords and employers may review credit histories 
and/or credit scores. Landlords may do so to determine if potential tenants are likely to 
pay their rent in a timely manner. Employers may review this information during a hiring 
process, especially for positions where employees are responsible for handling large sums 
of money. Utility providers, heme telephone, and cell phone service providers also may 
request a credit report or credit score to decide whether or not to offer service to 
consumers.

Insurance companies have also begun using credit scores and similar insurance scores -  
that are derived from the same credit histories -  when underwriting consumer 
applications for new insurance and renewals o f  existing policies. Credit information has

II. The Growing Importance of Credit Scores

1 K le in ,  D a n ie l .  2 0 0 1 .  C r e d i t  I n f o r m a t i o n  R e p o r t i n g .  W h y  F re e  S p e e c h  is V i t a l  to  S o c i a l  A e c o u n t a b i l i l y  
a n d  C o n s u m e r  O p p o r t u n i t y .  The Independent Review. V o l u m e  V .  n u m b e r  3.

‘  S t r a k a ,  J o h n .  2 0 0 0 .  A  S h i f t  in th e  M o r t g a g e  L a n d s c a p e :  t h e  1 9 9 0 s  M o v e  t o  A u t o m a t e d  C r e d i t  
E v a l u a t io n s .  Journa l o f  Housing Research. V o l u m e  11,  I s s u e  2.

3 H a m c y ,  K e n .  A u g u s t  18,  2 0 0 2 .  " R i s k - b a s e d  p r i c in g  b r i n g s  a  b ig  r a t e  h ik e  f o r  s o m e . "  Washington Post.
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been used as a basis to raise premiums, deny coverage for new customers, and deny 
renewals o f existing customers -  even in the absence o f other risk factors, such as moving 
violations or accidents. Some providers claim that credit scores are also used to offer 
insurance coverage to consumers who have previously been denied, or to lower insurance 
rates. This is a highly contested issue that is under review in dozens o f state legislatures 
and insurance commissions.

Thus, a consumer’s credit record and corresponding credit score can determine access 
and pricing for the most fundamental financial and consumer services.
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III. Controversial Issues Affecting Consumers

The expanded use o f automated credit evaluations has brought changes to the 
marketplace that have benefited consumers. However, given the tremendous impact 
credit scores can have on consumers’ ability to access and afford basic necessities, the 
increased application of this tool has also raised serious concerns about the potential 
harm it can cause.

A . S p e e d

The growth in use of credit scores has dramatically increased the speed at which many 
credit decisions can be made. Especially for consumers with relatively good credit, 
approvals for loans can be given in a fraction of the time previously required, without any 
manual review o f the information. It is unlikely that underwriting the recent record 
volumes of mortgage originations would have been possible without the efficiencies 
provided by credit scoring.

B. C u s to m ize d  o r  R isk -B a se d  P r ic in g

Credit scores, as a quantitative shorthand for credit histories, increase the potential for 
customized pricing o f credit based on the risk an individual poses. Some argue that 
charging more to consumers defined as higher risk would remove some of the cost o f risk 
carried by the general consumer population, and would allow for price reductions among 
consumers who pose less risk. Others argue that the savings have not been -  and are 
unlikely to be -  passed on to consumers who pose less risk, and scoring systems simply 
allow lenders to extract greater profits from consumers who do not attain target credit 
scores. The potential for increased profits from consumers whose credit is scored low 
also creates a disincentive to helping consumers correct errors in their credit»ecords.

The increased speed at which underwriting decisions can be made has created pressure to 
complete credit applications more quickly. Some contend that the combination o f this 
increased pace and the increased ability to customize ,he price charged based on credit 
allows lenders to approve a larger share o f consumers for loans, but not necessarily at the 
best rates for which they qualify. While many consumers can feel overwhelmed by large 
credit based transactions, such as mortgage closings, consumers who do not have a solid 
understanding o f credit scores, or who do not objectively know their creditworthiness, are 
even more vulnerable to high-pressure tactics to accept any offer o f  credit, regardless of 
terms, and may unnecessarily be charged higher rates.

C. E ffe c t  on  D isc r im in a tio n

Some have argued that increased reliance on automated reviews of credit has the 
potential to reduce discrimination in lending because the automation of decision-making 
removes or reduces the influence o f subjective bias. Others have argued that the factors 
used to determine a credit score may not completely remove bias from approval and 
pricing decisions. Furthermore, lenders are still free to offer differential levels o f
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assistance in dealing with errors in credit records, or with other issues related to credit 
scores, such as providing rescoring services. Such discretionary assistance remains a 
potential source o f bias in the approval process whether a consumer is underwritten with 
an automated system or with manual underwriting. Federal banking regulators do 
conduct examinations to ensure against overt discrimination on prohibited bases such as 
race, sex, marital status, or age in credit score design or in lenders’ application o f those 
scoring systems, such as through the use o f overrides4.

D. S ta tis t ic a l  V a lid ity

Supporters o f credit scoring note that credit scores have statistical validity, and are 
predictive o f  repayment behavior for large populations. However, this does not mean 
that credit data are error free, nor that credit scoring models are perfect predictors of 
individual creditworthiness; it only means that they work on average. While the systems 
do present n accurate risk profile of a large numbers o f consumers, data users who 
manage large numbers o f accounts priced by credit risk have a greater tolerance for errors 
in credit scoring systems than consumeis do. Among those consumers who are 
maccurately characterized, businesses can balance errors in their favor against errors in 
favor o f consumers; so long as enough consumers are charged higher rates based on 
inflated risk assessments to cover the losses from those who are charged lower rates 
because the systems incorrectly identified them as low risk, these businesses will suffer 
no material harm. Consumers on the other hand do not have a similar tolerance for errors 
in transactions governed by credit reports and credit scores. If they are overcharged 
because o f an error in the credit scoring system, there is no countervailing rebate to set 
the statistical scales even. Credit scores should not function as a lottery in which some 
consumers “win” by being viewed more favorably than they deserve to be, while others 
“lose” by being viewed less favorably than they should be.

While debate surrounding the broad implications of credit scoring continues, its use is 
already strongly established in the American financial services industry. Meanwhile, 
concern over the integrity o f credit scoring itself focuses on two dimensions -  the fairness 
of the models that interpret the data and the accuracy o f the underlying credit related data.

E. U n te s te d  S c o r in g  F o rm u la s

Even if all credit data regarding consumers held at credit repositories were accurate, 
complete, and current, there would be significant concerns about the fairness of 
automated credit scoring programs. Converting the complex and often conflicting 
information contained in credit reports into a numerical shorthand is a complex process, 
and requires a significant number of interpretive decisions to be made at the design level. 
From determining the relative influence o f various credit-related behaviors, to the process 
used to evaluate inconsistent information, there is a great potential for variance among 
scoring system designs.

4 S e e  f o r  e x a m p l e  A p p e n d i x  B  o f  t h e  O f f i c e  o f  t h e  C o m p t r o l l e r  o f  t h e  C u r r e n c y ’s  C om ptro ller's Handbook 
fo r  Compliance, F a ir  Lending Examination Procedures, a v a i l a b l e  a t  

h t t p : / / w w w . o c c . t r e a s . g o v / h a n d b o o k / f a i r l c p . p d f

http://www.occ.treas.gov/handbook/fairlcp.pdf


Despite the gatekeeper roie that these scoring systems play regarding access to credit, 
housing, insurance, utilities, and employment, as well as pricing for those essentials, 
exactly how the formulas perform the transformation from credit report to credit score is 
a closely guarded secret. For consumers, regulators, and even industry participants who 
rely on the computations in their decision-making, the scoring models largely remain a 
“black box.” No scholarly reviews of this extremely powerful market force have been 
permitted, and apart from reviews by federal banking regulators to protect against 
discrimination no government regulator has insisted that they be examined to ensure that 
they are adequate and fair.

Recently, after California passed a law requiring all consumers in the state to have access 
to their credit scores, several companies, including Fair, Isaac, and Company, Equifax, 
Experian, and Trans Union, Fannie Mae, and Freddie Mac have voluntarily provided 
general information about the information that is used to calculate a credit score or to 
evaluate a mortgage application, and how that information is generally weighted. In 
addition, for a fee, consumers can access score simulators that give some approximation 
of the impact o f various behaviors on their credit scores.

F. In a c c u r a te  c r e d it  re p o r ts

The most fundamental issue connected to credit scoring is the level o f  accuracy o f the 
information that forms the basis for the scores. Regardless o f  whether lending and 
pricing decisions are made by a manual or automated review o f a consumer’s credit, the 
potential for inaccuracies in credit reports to result in loan denials or higher borrowing 
costs is a cause for concern. Several organizations have conducted studies and surveys to 
quantify the pervasiveness o f credit report errors, with widely ranging findings regarding 
how many credit reports contain errors (from 0.2% to 70%).

A 1993 study by the Public Interest Research Group5 found that 29% of credit reports 
contained errors that could result in he denial of credit (defined as false delinquencies, or 
reports listing accounts or public records that did not belong to the consumer). The study 
also found that 41% of reports had incorrect demographic identifying information, and 
20% were missing major credit cards, loans, or mortgages. In total, 70% of reports 
contained an error o f some kind. This study asked 88 consumers to review their credit 
repons from each of the three major credit repositories for errors. A total o f 133 reports 
were reviewed.

Consumers Union has conducted two surveys o f credit reports in which consumers were 
asked to review their credit reports for accuracy. A 1991 survey6 found that 20% of 
credit reports contained a major inaccuracy that could affect a consumer’s eligibility for 
credit, and 48% contained inaccurate information of some kind. In addition, almost half 
of survey respondents found that their reports omitted some o f their current accounts. In

5 Mistakes Do Happen. P u b l ic  I n te re s t  R e s e a r c h  G r o u p .  M a r c h ,  1998 .

0 “ C r e d i t  R e p o r t s :  G e t t i n g  it H a l f  R i g h t . "  Consumer Reports. Ju ly .  1 9 91 .  p. 4 5 3 .



this survey, 57 consumers reviewed total of 161 reports. A 2000 survey7 found that more 
than 50% o f credit reports contained inaccuracies with the potential to result in a denial, 
or a liigher cost o f credit. The errors included mistaken identities, misapplied charges, 
uncorrected errors, misleading information, and variation between information reported 
by the various credit repositories. These results reflect the review of 63 reports by 25 
consumers.

A 1992 study conducted by Arthui Andersen8, commissioned by the Associated Credit 
Bureaus (now known as the Const] ner Data Industry Association) used a different 
methodology to conclude that the < rror rate was much lower. This study reviewed the 
behavior o f 15,703 consumers whr were denied credit based on a credit grantor’s scoring 
system. From this sample, 1,223 consumers (7.8%) requested their credit report from the 
issuing credit repository, and 304 consumers (1.9% of the total sample) disputed the 
information on the report. Of these, 36 disputes (11.8% of those who disputed, or 0.2% 
o f the total sample) resulted in reversals o f the original credit denial.

A 1994 study conducted by the National Association o f Independent Credit Reporting 
Agencies (now known as the National Credit Reporting Association) represents a third 
approach to the question o f credit report accuracy. Examining a total o f  1,710 files, this 
study reviewed a three-repository merged infile (which contains the credit reports from 
all three credit repositories), and conducted a two-repository Residential Mortgage Credit 
Report, or RMCR (in which all conflicting data in the two credit repository reports and 
the application form is verified with each creditor, and a consumer interview is 
conducted) for each file. The results showed missing, duplicated, and outdated 
information in credit files. Among the three-repository merged infiles: 29% of accounts, 
also known as trade lines or trades (past and cun-ent loans, lines o f credit, collections, 
etc.), were duplicates, 15% o f inquiries were duplicates, 26% of public records were 
duplicates, 19% had outdated trades, and 44% had missing information, such as balance 
or payment information. Among the RMCRs: 19% had trades added based on 
information from the loan application, 11% had trades added based on investigations, 
16.5% had derogatory information deleted as a result o f the investigation, 3% had trades 
removed because they did not belong to the borrower, and 2% had errors in public 
records corrected.

' " C r e d i t  R e p o r t s :  H o w  d o  p o te n t i a l  l e n d e r s  s e e  y o u ? ”  Consumer Reports. J u l y  2 0 0 0 .  P. 5 2 - 3 .

‘ D e s c r i b e d  a n d  c i t e d  in  K le in ,  D a n ie l ,  a n d  J a s o n  R i c h n e r .  1 9 9 2 .  “ In  D e f e n s e  o f  t h e  C r e d i i  B u r e a u . ”  Cato 
Journal. V o l  12. I s s u e  2 .  p p .  3 9 3  - 4 1 1 .



IV. How Does the System Work?

The complex system for reporting and reviewing credit involves a large number o f  
participants who fall generally into one o f six categories: consumers: data repositories; 
data users; data furnishers; credit reporting agencies; and analytical service providers. 
Approximately 190-200 million consumers have credit reports maintained by the three 
major credit repositories (Experian, Equifax, and Trans Union)9. Data users include 
lenders, insurers, landlords, utility companies, and employers, who review the credit 
information in consumers’ credit reports to make decisions about extending and pricing 
credit, offering and pricing insurance policies, and providing utility services, rental 
housing, or offers of employment. Some, but not all, data users are also data furnishers, 
and regularly report information about consumers’ accounts to the credit repositories, 
who add the information to consumers’ credit reports. It is the understanding o f the 
researchers that there is currently no legal requirement that any business report 
information to any credit bureau, although once a business furnishes data, there may be 
certain obligations that arise in connection with consumer disputes. In 1996, Congress 
recognized that errors by data furnishers contributed to credit reporting problems, so the 
Fair Credit Reporting Act was amended to impose accuracy duties on data furnishers. 
These duties are generally subject only to administrative enforcement under the FCRA, 
with no private right o f action for consumers unless the data furnisher fails to comply 
with re-investigation duties.

Generally, insurers, landlords, utility companies, and employers do not provide positive 
account information to repositories, nor do all lenders. Also, data enters consumers’ 
records from collection agencies that report on the status o f accounts in collection, and

9 C r e d i t  r e p o s i t o r i e s  a t t e m p t  t o  m a i n t a i n  t h e  f o l l o w in g  i n f o r m a t i o n  in  t h e i r  d a t a b a s e s ,  b u t  n o t  all  d a t a  is 
a v a i l a b le  o r  p r o v i d e d  f o r  e v e r y  a c c o u n t ,  a n d  d i f f e r e n t  r e p o s i t o r i e s  m a y  c o l l e c t  d i f f e r e n t  l e v e l s  o f  

i n f o r m a t i o n ,  e s p e c i a l l y  c o n s u m e r  id e n t i f y in g  i n f o r m a t i o n :

Consumer identifying inform ation ( C o n s u m e r ' s  n a m e :  s o c i a l  s e c u r i t y  n u m b e r ;  d a t e  o f  b i r th :  f o r m e r  

n a m e s  o r  a l ia s e s ;  c u r r e n t  a n d  f o r m e r  a d d r e s s e s ;  e m p l o y e r ;  i n c o m e ;  p o s i t i o n :  a n d  e m p l o y e r ’s  a d d r e s s )  

Public records information ( s o u r c e  o f  i n f o r m a t i o n :  d a t e  r e c o r d e d :  a m o u n t  o f  l iab i l i ty ;  t y p e  o f  r e c o r d  (e.g. 
j u d g m e n t ,  ta x  lien ,  o r  b a n k r u p t c y ' ,  d o c k e t  n u m b e r )
Collections information ( c o l l e c t  o n s  c o m p a n y ’s  n a m e :  d a t e  o p e n e d :  las t  d a t e  v e r i f i e d  o r  u p d a t e d  b y  

c o l l e c t i o n s  c o m p a n y ;  d a t e  c l o s e r ,  th e  a m o u n t  p l a c e d  f o r  c o l l e c t i o n :  b a l a n c e  o u t s t a n d i n g ;  n a m e  o f  o r ig in a l  

c r e d i t o r :  t h e  m e t h o d  o f  p a y m e n t  ( a  n u m e r i c a l  c o d e  i n d ic a t i n g  i f  t h e  a c c o u n t  is  c u r r e n t ,  la te ,  in c o l l e c t i o n ,  
e t c . ) :  a n y  r e m a r k s )

C reditor information ( c r e d i t o r ’s  n a m e ;  a c c o u n t  n u m b e r ;  l ev e l  o f  r e s p o n s i b i l i t y  f o r  c o n s u m e r  t o  p a y  
a c c o u n t  ( p r i m a r y  a c c o u n t  h o l d e r ,  j o i n t  a c c o u n t ,  a u t h o r i z e d  u s e r ,  e t c . ) ;  t y p e  o f  l o a n  ( r e v o l v i n g ,  i n s t a l lm e n t ,  

m o r t g a g e ,  l ine o f  c r e d i t ,  e t c . )  o r  c o l l a t e r a l  f o r  a n  i n s t a l m e n t  lo a n ;  d a t e  o p e n e d :  d a t e  o f  las t  a c t i v i ty ;  d a t e  

c l o s e d  o r  p a id ;  h ig h e s t  a m o u n t  e v e r  o w e d  b y  c o n s u m e r :  t h e  c r e d i t  l imit o n  t h e  a c c o u n t ;  t h e  b a l a n c e  d u e ;  

p a y m e n t  s i z e  a n d  f r e q u e n c y ;  a n y  a m o u n t  p a s t  d u e :  d a t e  o f  m a x i m u m  d e l i n q u e n c y ;  d o l l a r  a m o u n t  o f  

m a x i m u m  d e l i n q u e n c y ;  p a y m e n t  p a t t e r n  fo r  last 1 2 - 2 4  m o n t h s  ( i n d i c a t i n g  f o r  e v e r y  m o n t h  w h e t h e r  th e  

a c c o u n t  w a s  p a i d  a s  a g r e e d ,  o r  la te ,  a n d  b y  h o w  m a n y  d a y s ) :  t h e  n u m b e r  o f  m o n t h s  r e v i e w e d ;  n u m b e r  o f  
t i m e s  a c c o u n t  w a s  l a t e  b y  3 0 ,  6 0 ,  o r  9 0  d a y s ;  t h e  m e t h o d  o f  p a y m e n t  ( a  n u m e r i c a l  c o d e  i n d i c a t i n g  i f  t h e  
a c c o u n t  is c u r r e n t ,  la t e ,  in c o l l e c t io n ,  e t c . ) ;  a n y  r e m a r k s )

Credit I n q u i r i e s  ( l is t  o f  c o m p a n i e s  w h o  h a v e  r e q u e s t e d  c o n s u m e r  c r e d i t  i n f o r m a t i o n :  d a t e  t h e  i n q u i r y  w a s  
m a d e )

Any consumer statement, s u c h  a s  a n  e x p l a n a t i o n  o f  a  d i s p u t e



from repository searches o f public records such as bankruptcies, liens, and judgments. In 
addition, governments may report directly to the repositories if consumers fail to pay 
child support, have unpaid parking tickets, or have been overpaid for unemployment 
benefits. Credit reporting agencies assist some data users by consolidating information 
from the three credit repositories, and offering services to verily and update information 
in credit reports. Credit reporting agencies primarily facilitate and support the decision 
making process involved with mortgage underwriting. Credit reporting agencies and 
credit repositories both provide credit reports to data users, and are considered “consumer 
reporting agencies” under the Fair Credit Reporting Act. As consumer reporting 
agencies, these entities share certain obligations, some o f which are described below. 
Analytic service providers also help data users interpret the information in consumers’ 
files, and include companies such as Fair, Isaac, and Company, which produces analytical 
tools that generate credit scores, and the Government Sponsored Enterprises (GSEs) 
Fannie Mae and Freddie Mac, who produce tools that help lenders interpret credit 
information in conjunction with mortgage applications. Some lenders and mortgage 
insurance companies have also created tools that help them interpret credit information 
for mortgage applications.

A. N o n -M o r tg a g e  C red it

When a consumer applies for non-mortgage credit, such as a credit card, unsecured line 
of credit, or installment loan (e.g. for an automobile, or furniture), the potential creditor 
(data user) can request a credit report (with or without a credit score) from one, two, or 
three o f the credit repositories. A repository that receives such a request will send the 
credit report to the potential creditor, and record an inquiry on the consumer's credit 
report. The creditor can use the information in the credit report to help decide whether to 
ex.end or deny credit to the consumer, and what the interest rate and other fees will be for 
this credit. If the creditor accepts the application, they may then act as a data provider, 
and report information on the consumer’s payment history to one, two, or three o f the 
credit repositories. Generally account information can be both positive and negative. 
On-time payments have a positive influence while late payments have a negative 
influence. However, the amount of positive influence a consumer receives from a timely 
payment may vary based on the type of creditor. For example, timely payments to a 
prime credit card lender may have a greater positive influence on a score than timely 
payments to a lender considered less favorable, such as a furniture or consumer 
electronics store. If the creditor denies credit, or offers less than favorable terms, based 
on the credit report or score, federal laws require them to make certain disclosures to the 
consumer, including the name o f the consumer reporting agency that supplied the credit 
report and how to contact the agency. For non-mortgage applications the consumer 
reporting agency is usually a credit repository. Once given this information, the 
consumer can contact the repository to request a copy o f his or her credii report10. If the

10 H o w e v e r ,  t h e  r e p o r t  t h e  c o n s u m e r  r e c e i v e s  m a y  d i f fe r  f r o m  th e  r e p o r t  th a t  t h e  l e n d e r  r e v i e w e d .  I f  

c o n s u m e r s  s u b m i t  m o r e  c o m p r e h e n s i v e  p e r s o n a l  i d e n t i f i e r s  in t h e i r  r e q u e s t  f o r  a  r e p o r t  f r o m  th e  c r e d i t  

r e p o s i t o r y ,  t h e y  m a y  n o t  s e e  t h e  e x a c t  r e p o r t  t h a t  w a s  u s e d  to  u n d e r w r i t e  t h e i r  c r e d i t  a p p l i c a t i o n ,  e s p e c i a l l y  

i f  t h e  u n d e r w r i t e r  m a d e  a n y  e r r o r s  s u c h  a s  m i s s p e l l i n g s  in t h e  c o n s u m e r ’s  n a m e  o r  t r a n s p o s i n g  d ig i t s  in t h e  
c o n s u m e r ’s  s o c i a l  s e c u r i t y  n u m b e r ,  o r  m e r e l y  s u b m i t t e d  a n  a p p l i c a t i o n  w i t h  l e s s  i n f o r m a t i o n  a b o u t  th e



consumer has suffered an adverse action based on the credit report, the copy must be 
provided by the repository free of charge. Consumers who have not suffered an adverse 
action can also review their credit reports at any time, but are subject to a fee o f  
approximately S9. Six states (Colorado, Georgia, Maryland, Massachusetts, New Jersey, 
and Vermont) require repositories to provide credit reports to consumers free o f charge 
once a year upon request. Also, if a consumer is receiving welfare, is unemployed, or 
suspects that he or she is a victim of identity theft, the consumer may obtain a credit 
report free o f charge. For an additional charge, the consumer can have a credit score 
computed and included with the credit report under any o f these circumstances.

B. E m p lo y m e n t a n d  S e r v ic e s  O th e r  Than L o a n s

When a consumer applies for employment, or for a service that reviews credit histories, 
(such as insurance, an apartment rental, utilities, cell phone accounts) these data users 
may also request and receive a credit report and/or scores from one or more repositories, 
to be used to evaluate the consumer’s application. Job applicants 01 employees must 
provide consent before a report is pulled, but other users derive a permissible purpose to 
review credit from the consumer’s act o f submitting an application, except in Vermont, 
where oral consent is required to review a credit report for credit uses.

However, while these entities will review credit, and approve or deny the application 
based on the credit report and/or score, they generally d o  n o t report positive account 
information back to the credit repositories. They often, however, indirectly report 
derogatory information by placing accounts for collection. Accounts that have been 
placed for collection will be reported to one or more o f the credit repositories.

C. O th e r  D a ta  P ro v id e rs

The reverse is true o f collection agencies, which provide information to the repositories, 
but do not use credit data to evaluate consumer creditworthiness, although they may use 
information in credit reports to locate debtors. Repositories also obtain information by 
requesting it from public records and government entities and when certain government 
entities report directly to the repositories, such as for delinquent child or family support 
payments, unpaid parking tickets, or overpayments o f unemployment benefits.
Information from collection agencies and public records is primarily derogatory 
information, such as when an account was sent to collection, or a bankruptcy was filed, 
but may also include positive information such as the satisfaction o f a bankruptcy or the 
repayment of a collection, and when such repayments occurred. Because government 
entities do not report information about bankruptcies, liens, civil suits, or judgments to 
repositories, the repositories are responsible ibr maintaining the accuracy o f such public 
record information in credit records, such as whether a bankruptcy has been satisfied or a 
lien has been released. Any type of collection will have a negative impact on a credit 
history, regardless o f whether the debt was related to an account for which a credit report 
was used to establish credit (e.g. for loans or utilities, as well as for child or family

c o n s u m e r ’s id e n t i t y .  W h i l e  t h e r e  is n o  l e g a l  p r o h i b i t i o n  o n  l e n d e r s  p r o v i d i n g  c o n s u m e r s  w i t h  th e  a c t u a l  

c r e d i t  r e p o r t  u s e d  in t h e i r  d e c i s i o n - m a k i n g  p r o c e s s ,  t h e r e  is  l ik e w i s e  n o  r e q u i r e m e n t  t h a t  t h e y  p r o v i d e  it.



support or parking tickets). Collections, either from a collection agency or other type of 
account, and public records will continue to have a negative impact after they have been 
paid or otherwise satisfied, although they will have a less negative impact if they are 
satisfied, and will have a less negative impact as time passes.

D. M o r tg a g e  C red it

The process is more complex for a mortgage transaction. When consumers apply for a 
mortgage, the mortgage lender (who may be a mortgage banker or mortgage broker) has 
a number o f options that are influenced by what the lender intends to do with the loan 
after the closing. The lender can hold onto the loan and collect mortgage payments from 
the consumer until the loan is paid off (known as holding a loan in portfolio), thereby 
assuming all the risk for borrowers defaulting, or the lender can sell the loan to the 
secondary market. If a loan is sold, the originator loses the access to future profits from 
mortgage payments, but also, so long as the loan meets all the standards set forth by the 
purchaser o f the loan, retains no risk should the borrower default. The originator retains 
the profits from the cost o f the mortgage transaction and underwriting, and has a 
replenished supply o f capital to make other loans. The two primary purchasers o f loans 
in the secondary market are the government sponsored enterprises (GSEs) Fannie Mae 
and Freddie Mac. Lenders may also seek a government guarantee for the loan through 
the Federal Housing Administration (FHA) or Department o f Veterans’ Affairs (VA) 
programs.

1. Portfolio Loans

If a lender is not planning to sell the loan to the secondary market, that lender will usually 
order a merged credit report, which incorporates information from all three credit 
repositories, including the three credit scores. While a lender will generally use reports 
from all three repositories to underwrite a loan, it may use a single credit report to offer a 
pre-approval. Also, for second mortgages and lines o f credit secured by the home, 
lenders generally underwrite using one credit report. There is no legal or regulatory 
requirement to use a certain number o f credit reports to underwrite a mortgage.
However, if a lender wishes to sell the loan on the secondary market, or receive an FHA 
or VA guarantee on the loan it may be required to follow certain protocols.

A lender planni.g to hold a loan in portfolio will order a merged credit report with scores 
from a credit reporting agency, passing on information about the consumer such as name, 
social security number, current and previous addresses. The credit reporting agency will 
then pass on the request to a merging company, which will request credit reports from all 
three credit repositories and will compile the information from each report returned to 
them, according to their merging logic (a set o f automated commands designed to 
identify shared information and present the three reports in a summarized format). The 
individual credit reports as they read prior to merging and credit scores are also returned 
to credit reporting agency. The credit reporting agency will then supply this information 
to the lender.



Based on the information in this report, and other information such as the applicant's 
income and the loan to value ratio o f the mortgage requested, a lender will decide 
whether or not to originate the loan, and at what price (interest rate, points, etc.). A 
number o f companies, such as mortgage lenders Countrywide and GE Capital and 
mortgage insurers PMI Mortgage Insurance Company and Mortgage Guarantee Insurance 
Corporation, have developed automated underwriting (AU) systems that can provide 
automated evaluations of a loan application based on information from the consumer’s 
credit report and additional information such as income and loan to value ratio.

If the lender is hesitant to originate a loan because o f derogatory information in an 
applicant’s credit report, and has reason to believe that it may be incorrect, or outdated, 
the lender can purchase a reinvestigation o f the credit information from the credit 
reporting agency. This entails contacting original creditors, collection agencies, and 
government records clerks, to verify and update questionable information contained in 
the merged credit file. These services can mean corroborating as few as one entry in a 
credit file, or it can be a comprehensive review in which every entry with conflicting 
information is corroborated. An alternative called a Residential Mortgage Credit Report 
(RMCR) involves reviewing two or three credit repository reports, verifying all 
conflicting data in the credit repository reports and the application form with each 
creditor, updating any account with a balance over 90 days old, conducting a consumer 
interview, and other verification services. Such services provide more current 
information to a lender for their consideration when underwriting a mortgage, but they do 
not alter information maintained by any o f the credit repositories, nor do they change a 
borrower’s credit score". A credit reporting agency may have greater success obtaining 
clarification o f inconsistencies in an applicant’s record than the applicant would have 
acting on his or her own, and the credit reporting agency’s reinvestigation is more likely 
to be trusted by the lender than the word o f a consumer regarding current status o f  
accounts. This service adds cost to the credit underwriting process (roughly S50-100).
For consumers who have credit scores far higher than the requirements to qualify, this 
would be an unnecessary service. However, for those who face loan denial, or 
dramatically higher borrowing costs because o f errors in their reports, the savings over 
the life o f the loan, or in some cases with a single mortgage payment, could more than 
compensate for the increased cost o f this reinvestigation. After the reinvestigation, the 
credit reporting agency will provide the updated and verified information to a lender who 
can consider the information while making the final underwriting decision12.

11 W h e n  a  r e i n v c s i i g a t i o n  p r o d u c e s  c h a n g e s  in t h e  i n f o r m a t i o n  c o n t a i n e d  in a  r e p o s i t o r y ' s  c r e d i t  r e p o r t ,  t h e  
c r e d i t  r e p o r t i n g  a g e n c y  is r e q u i r e d  to  p a s s  t h e  i n f o r m a t i o n  o n  t o  t h e  r e p o s i t o r y  w i th in  3 0  d a y s .  H o w e v e r ,  

o n c e  th is  o c c u r s ,  t h e r e  is n o  r e q u i r e m e n t  th a t  t h e  r e p o s i t o r y  u p d a t e  t h e  c o n s u m e r ’s  c r e d i t  fi le , n o r  a  t im e  

f r a m e  w i th in  w h i c h  t h e y  m u s t  r e s p o n d .  It w o u l d  b e  fa r  b e t t e r  f o r  c o n s u m e r s  i f  t h e  c r e d i t  r e p o s i t o r i e s  w e r e  

u n d e r  a n  o b l i g a t i o n  t o  u p d a t e  t h e  c o n s u m e r ’s file , o r  a t  t h e  v e ry  lea s t  t o  r e s p o n d  w i th  t h e  r e s u l t s  o f  th e i r  

o w n  r e i n v e s t i g a t i o n  w i th in  3 0  d a y s .  In  t h e  m e a n  t im e ,  t h e  d i s p u t e d  i n f o r m a t i o n  s h o u l d  b e  p a r t  o f  t h e  c r e d i t  
r e p o r t  p r o v i d e d  to  a n y  d a t a  u s e r s  w h o  r e q u e s t  t h e  file a s  t h e  r c i n v e s t i g a t i o n  is u n d e r w a y .

'■ L e n d e r s  a r e  n o t  r e q u i r e d  t o  a c c e p t  t h e  r e s u l t s  o f  a  r e i n v e s t i g a t i o n ,  a n d  t h e  a u t o m a t e d  u n d e r w r i t i n g  

s y s t e m s  o f  k e y  s e c o n d a r y  m a r k e t  a c t o r s  F a n n ie  M a c  a n d  F r e d d i e  M a c  d o  n o t .  I n s t e a d  t h e y  r e q u i r e  a ll  

c h a n g e s  t o  b e  m a d e  t h r o u g h  a  p r o c e s s  k n o w n  a s  r e s c o r i n g ,  d e s c r i b e d  in  g r e a t e r  d e t a i l  b e l o w ,



In the current marketplace, few loans are held in portfolio, especially those loans 
originated by brokers. Instead, many are sold into the secondary market to entities that 
bundle large numbers of mortgages into securities that are sold to investors -  a process 
known as securitization. The major actors in this part o f  the market are the Government 
Sponsored Enterprises Fannie Mae and Freddie Mac, although a number o f large national 
lenders also purchase and securitize loans. If mortgage originators can sell a loan, then 
they will have renewed capital to make another loan, and will still have profit derived 
from the costs charged to the consumer for the transaction. Thus selling a loan into the 
secondary market is an attractive option.

Government Sponsored Enterprises (GSEs) Fannie Mae and Freddie Mac have both 
developed automated underwriting systems which evaluate mortgage applications based 
on the information in credit reports, as well as additional information such as income and 
loan to value ratio, in a very short amount o f time. Lenders can submit a loan application 
to these automated underwriting systems prior to approving a loan and receive an 
indication from the GSE that they will purchase the loan. Each GSE has a different 
protocol for submitting loan applications and for obtaining and using credit histories.

Automated underwriting (AU) systems do not approve or deny loans, but can provide an 
indication o f whether a GSE will purchase the loan, and thereby assume the risk of 
default with respect to the loan. A lender can override an AU decision and underwrite 
the loan manually, but if they do so. they must agree to buy back the loan if it defaults 
and is found to have violated the purchaser’s loan standards. While a loan with an AU 
approval that meets all the purchaser’s standards and complies with the warranties o f  sale 
carries no risk for a lender or broker, a loan that has been approved by overriding AU 
standards does carry significant risk. Many loans are still manually underwritten, but the 
majority of applications are reviewed with an automated underwriting system, and this 
share is expected to grow in coming years.

Brokers are the dominant originators o f loans, but they do not have the financial reserves 
o f banks, thrifts, and other financial institutions. They rely on being able to sell their 
loans almost immediately. This is much more difficult without an AU approval. Also, 
the efficiencies o f credit scoring and automated underwriting have made the loan 
approval process so fast for loans with good credit that the additional effort required to 
correct errors, or otherwise revisit the details of the loan file, acts as a substantial 
deterrent to mortgage lenders working on these loans. In this market, where record 
volumes of loans are being originated, there is a tremendous incentive to deal only with 
the loans that will be approved the fastest -  the loans that pass the credit score/ automated 
underwriting test13.

2. Loans Sold in the Secondary Market

1' T h e  e c o n o m i c  p r e s s u r e  o n  o r i g i n a t o r s  t o  u n d e r w r i t e  l o a n s  t h a t  w il l  r e q u i r e  t h e  leas t  a m o u n t  o f  w o r k  

e x i s t e d  p r i o r  t o  t h e  i n t r o d u c t i o n  o f  a u t o m a t e d  u n d e r w r i t i n g  s y s t e m s ,  H o w e v e r ,  t h e  d e v e l o p m e n t  o f  

a u t o m a t e d  u n d e r w r i t i n g  h a s  m a d e  t h e  p r o c e s s  s o  q u i c k  f o r  s o m e  l o a n s  t h a t  t h e  r e l a t i v e  a d d i t i o n a l  t im e  

r e q u i r e d  to  c o m p l e t e  a  m o r e  c o m p l i c a t e d  lo a n  is p r o p o r t i o n a l l y  g r e a t e r .  S o m e  h a v e  n o t e d  th a t  d e c r e a s i n g
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3. Credit Rescoring

If lenders wish to update or correct information in a credit report, the lender cannot use 
the reinvestigation process for portfolio loans outlined above and resubmit the loan 
through the automated underwriting systems o f Fannie Mae and Freddie Mac. The 
reinvestigation process outlined above does not change the data on record at the 
repositories and only reports that contain credit scores and have been generated at the 
repository level are acceptable for submission to Fannie Mae’s and Freddie Mac’s 
automated underwriting systems. Lenders can choose to manually underwrite the loan 
and submit it with documentation o f the errors in the first credit report.

If a lender is unwilling to underwrite the loan manually, and a consumer can afford to 
wait several weeks, the consumer can submit a dispute directly to the credit repository, 
and the repository has 30 days to respond to the dispute. However, if the borrower 
wishes to correct an error in an expedited time frame, lenders who submit loans through 
automatic underwriting systems would have to order a service known as r e sc o r in g . In this 
process, the credit reporting agency will obtain the necessary documentation regarding 
the disputed account or accounts and contact the rescoring departmeni witliin the relevant 
repository. This department will verily the information provided to them by the credit 
reporting agency, either through spot checks, or by verification of every update, within a 
few days. After this process is complete, a new credit report with new credit scores can 
be requested, and the loan can be underwritten with the more current information. In 
addition, the information is changed at the repository level, and will be reflected in future 
credit reports for this consumer. This has recently become a very expensive service for a 
lender to purchase. Since the summer, two of the three repositories have increased prices 
for this service by as much as 400% u.

Regardless of how the underwriting takes place, if the loan is originated, the mortgage 
lender, or the entity holding and servicing the loan if it is sold, may become a data 
provider. The servicer will report information about consumer’s payment behavior 
related to their mortgage to one, two, or three of the credit repositories, who will add tliis 
information to the credit report.

t h e  t i m e  r e q u i r e d  t o  u n d e r w r i t e  t h e  e a s i e s t  l o a n s  p o t e n t i a l l y  f r e e s  u n d e r w r i t e r s  t o  d e v o t e  m o r e  t im e  to  m o r e  
d i f f i c u l t  lo a n s .

14 A c c o r d i n g  to  r e p o r t s  f r o m  a  n u m b e r  o f  c r e d i t  r e p o r t i n g  a g e n c i e s ,  T r a n s u n i o n  a n d  E q u i f a x  h a v e  r e c e n t l y  

c h a n g e d  th e i r  p r ic in g .  T r a n s u n i o n  p r e v i o u s l y  c h a r g e d  5 5 . 0 0  p e r  a c c o u n t  e n t r y ,  o r  t r a d e  l ine ,  r e g a r d l e s s  o f  

w h e t h e r  t h e  a c c o u n t  t o  b e  u p d a t e d  w a s  a  j o i n t  o r  in d iv id u a l  a c c o u n t .  A s  o f  J u n e  o f  th is  y e a r ,  T r a n s u n i o n  

c h a r g e s  5 2 0  p e r  t r a d e  line t o  u p d a t e  a n  in d iv id u a l  a c c o u n t ,  a n d  5 2 5  t o  u p d a t e  a  j o i n t  a c c o u n t .  E q u i f a x  h a s  
r e c e n t l y  i n c r e a s e d  th e  c o s t  f r o m  a p p r o x i m a t e l y  5 5  p e r  r c s c o r c  t o  S I 5  p e r  t r a d c l i n e  fo r  a  j o i n t  o r  in d iv id u a l  

a c c o u n t ,  o r  5 3 0  f o r  a  s a m e  d a y  r e q u e s t .  B o t h  r e p o s i t o r i e s  h a v e  c l e a r ly  s t a t e d  th a t  t h e s e  c o s t s  a r c  n o t  to  be  

p a s s e d  o n  t o  th e  c o n s u m e r .  I t  is a l s o  o f  n o t e  th a t  t h e s e  t w o  r e p o s i t o r i e s  c o m p e t e  w i th  c r e d i t  r e p o r t i n g  

a g e n c i e s  in o f f e r in g  r e s c o r i n g  s e rv i c e s ,  a n d  c h a r g e  b e t w e e n  5 8 - 1 0  p e r  t r a d e  line t o  l e n d e r s  w h o  c o n t a c t  
t h e m  d i r e c t ly .



4. Federal Housing Administration (FHA) and Department o f Veterans’ 
Affairs (VA) Loans

Lenders who wish to submit loans for an FHA or VA guarantee must also follow certain 
protocols regarding the submission o f credit reports, but have a number o f options to 
choose from. For example, the FHA program accepts either a three repository merged 
credit report, a Residential Mortgage Credit Report (RMCR), or applications processed 
through the autoinated underwriting systems o f Fannie Mae and Freddie Mac. The 
RMCR option is required to be made available to consumers who dispute information 
contained in their credit reports15. In addition to the options offered to lenders submitting 
loans for FHA guarantees, the VA program accepts applications processed through the 
automated underwriting systems o f PMI Mortgage Insurance Company and 
Countrywide16.

15 S e e  F H A  L e n d e r ’s  H a n d b o o k  n u m b e r  4 15 5 . 1 c h a p t e r  2 ,  s e c t i o n  4  " C r e d i t  R e p o r t  R e q u i r e m e n t s , "  a n d  
M o r t g a g e e  L e t t e r s  9 8 - 1 4  a n d  9 9 - 2 6 ,  a v a i l a b l e  a t  w w w . h u d e l i p s . o r g .

S e c  V A  L e n d e r ' s  H a n d b o o k .  V A  P a m p h l e t  2 6 - 7 ,  a v a i l a b le  a t  h t t p : / / w w w . h o m c l o a n s . v a . g o v / 2 6 - 7 . p d f .

http://www.hudelips.org
http://www.homcloans.va.gov/26-7.pdf


V. Study Design

The first phase o f the study consisted o f a manual review o f 1704 credit files, archived by 
credit reporting agencies. These files had been requested by mortgage lenders on behalf 
o f consumers actively seeking mortgages. The three credit reporting agencies that 
generated these files are located in different regions o f the county (West, Midwest, and 
East) and serve mortgage lenders in a total o f 22 states.

Only archived credit files that had been generated by mortgage lender requests for reports 
and scores from all three major credit repositories (Experian, Equifax, and Trans Union) 
were included in the review. Files were included in the study by reviewing consecutive 
archived files dating from June 17 to June 20, 200217.
Ensuring the anonymity o f all data collected and examined for this study was a 
paramount concern for both CFA and NCRA. The data collection procedures were 
designed with particular care to ensure that no personal identifying information from 
these credit files was recorded for this study. No reports were provided in paper or 
electronic form, and no names, social security numbers, account numbers, addresses, or 
other consumer identifying information was recorded. All comments regarding 
inconsistencies were recorded in generic form. For example, the fact that digits in a 
social security number were transposed in one file would have been recorded, but the 
actual number would not have been. Similarly, i f  a consumer’s file showed apparent 
confusion between credit data recorded under a consumer’s first name and credit 
recorded under the consumer’s middle name, this would have been noted, but the names 
would not have been recorded. While the files were being reviewed, the National Credit 
Reporting Association (NCRA) and the Consumer Federation o f America (C FA ) took 
precautions to limit the access to identifying information to the credit reporting agencies’ 
representatives, who worked with a representative from the Consumer Federation o f 
America in each office. The credit reporting agency representative retrieved the files, 
and conveyed only the relevant generic information verbally to the CFA representative 
for recording. As a result, the data examined for this study contains only generic 
information about variations in credit data, but does not link that data to any consumer or 
consumers.

For each file, the credit scores from each o f the three major credit repositories were 
recorded. I f  a repository returned a report, but the report was not scored, or i f  the 
repository could not locate a report for the applicant, this information was also recorded.
In addition, researchers noted i f a file contained multiple reports from any repository, and 
recorded the scores for these reports, i f  the report was scored. Residential Mortgage 
Credit Reports (RMCRs), for which credit reporting agencies verify and update

A. Phase One

17 For agencies that serve multiple time zones, additional measures were employed to include records from 
consumers in all regions. For example, every second file from one agency was reviewed rather than every 
file.
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f Kinformation in the credit report, were identified as such . For joint application files, the 
applicant’s and coapplicant’s reports were treated as separate reports. Approximately 
500 files that contained a credit score from each o f the three repositories were recorded at 
each agency.
A major focus o f the study was for those applicants closest to the boundary between the 
lower priced prime mortgage lending market and the higher priced subprime mortgage 
lending market, which, in addition to higher costs overall, exposes borrowers to greater 
risks o f predatory lending. A  large variance between scores on a consumer’s file is a 
likely indication o f drastically incomplete and/or incorrect information in that consumer’s 
credit reports, and a cause for concern. For those closest to the boundary between prime 
and subprime, generally considered to be a credit score o f 620, the impact o f even small 
variances can be severe and translate directly into a greater financial burden.
Thus, more detailed information about each file was recorded: 1) i f  the file had widely 
varying scores among repositories (defined as a range o f 50 points or greater between the 
high and low score); 2) i f  the file was near the threshold between prime and subprime 
classification with a substantial variance between scores (defined as having a middle 
score between 575 and 630, and a range between high and low scores greater than 30 
points); or 3) i f  the file was directly at the threshold between prime and subprime 
classification (defined as having a high score above 620, and a low score below 620).
For files that met these criteria, the four primary factors contributing to the credit score, 
provided by each repository as part o f the credit report, were recorded.

Finally, if the file met criterion 2 (had a middle score between 575 and 630, and a range 
between high and low scores greater than 30 points), or i f  the file had a variation in 
scores o f more than 90 points, the specifics o f the three credit reports were reviewed in an 
attempt to identify any obvious inconsistencies between the repositories. When possible, 
researchers made a determination based on this review o f whether any inconsistencies 
seemed likely to be artificially lowering or raising the score reported by one or more 
repositories.

B. Phase Two

The goal o f Phase Two was to test the representational validity o f the findings in Phase 
One by comparing key statistics from that sample o f credit files with the same statistics 
for a much larger sample o f credit files. Specifically, the goal was to compare the range 
among credit scores, and the frequency o f explanations provided to consumers.
This phase o f the study reviewed credit scores and the explanations for those scores 
provided by the repositories for a separate sample o f 502,623 archived credit files. This 
larger sample was collected electronically and did not involve a manual review o f each 
file. As with the first phase, these files had been requested by mortgage lenders on behalf 
o f consumers actively seeking mortgages, and only credit files generated by a request for

'* Conducting and RMCR docs not affect the cred't scores, and when in depth reviews o f  the reports were 
conducted on RMCRs, the comments referred to the status o f the report prior to updates or verification.
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the reports and scores from all three major credit repositories (Experian, Equifax, and 
Trans Union) were included.

I f  a repository returned an unscored report, or i f  the repository could not locate a report 
for the applicant, this information was recorded. In addition, the presence o f multiple 
reports from any repository and the scores for these reports, i f  scored, were recorded. For 
joint application files, the applicant’s and coapplicant’s reports were treated as separate 
reports.

For this phase o f the study, the zip code for each file was recorded, as was information 
about the type o f services requested for each file, and the version o f the scoring model 
used to calculate each score. By matching zip codes with states, it was possible to 
determine the geography represented by these files. Phase Two analyzed files from every 
state and territory in the nation, with a wide distribution o f files from all regions. (34% 
from the Northeast, 27% from the Southeast, 30% from the Midwest, 6% from the 
West19, 4% with no zip code information to indicate a state, and 0.08% from U.S. 
territories.)

Unlike the files in Phase One, which constitute a snapshot o f the profile o f consumers 
seeking mortgage credit over just several days, the files reviewed in Phase Two date from 
December 8, 2000 to September 20, 2002.

C. Phase Three

Phase Three explored the prevalence o f specific errors in a representative sample o f 
credit reports, and attempted to quantify how many files contained inconsistent, missing, 
or duplicated information. Researchers used a 10% sample o f all files reviewed at one 
site in Phase One and reviewed account data and public records data for errors o f 
omission (information not reported by all repositories) and errors o f commission 
(inconsistent information between repositories, or duplicated information on a single 
repository).
This phase tabulated how many consumer files were missing accounts on at least one 
repository report that appeared on other repository reports, treating accounts o f different 
type and status separately. The same criteria used to tabulate missing accounts were used 
to tabulate the number o f files that contained duplicate reports o f accounts on a single 
repository report.

IM The researchers were concerned that there were disproportionately fewer files from the western region, 
particularly a disproportionately low number o f files from California. However, subsequent analysis 
showed that key statistics and distribution o f  score ranges for the files from this region, and from California 
specifically, were virtually identical to those for the entire sample. Therefore, the researchers are confident 
that this undcr-rcpresentation is not introducing any bias into the findings. (The regions were defined as 
follows Northeast: ME, NH, VT. NY. MA, CT. Rl, PA, NJ, DE, DC, MD, WV, VA. Southeast: NC, SC, 
GA, TN. KY, AL, MS, FL. LA, AR, TX, OK. Midwest: OH, IN, IL, M I, WI. MN, ND, SD, IA, MO, NE, 
KS. West: AZ, NM, MT, WY, CO, UT. NV, CA. ID. OR. WA, AK, HI. Territories: GU, PR, VI.)
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The seven types o f accounts identified were mortgages, other installment loans, revolving 
accounts, other accounts not in collection, medical collections, child support collections, 
and other collections or charge offs. The researchers differentiated between the status o f 
each non-collection account on the repository or repositories that did report the account. 
For accounts other than collections and charge offs (mortgages, other installment loans, 
revolving accounts, other accounts not in collection), the researchers differentiated 
between accounts that had no derogatory information, accounts that had late payments, 
accounts that had conflicting information regarding late payments on two repositories, 
and accounts that had inconsistent information regarding default. In addition, researchers 
noted if a mortgage had gone to foreclosure, and i f  a revolving account had been reported 
lost or stolen.

Files with duplicate or missing public records were tabulated, differentiating by type and 
status as well. Researchers tabulated missing and duplicate bankruptcy filings, liens, 
judgments, and civil suit filings, differentiating between two categories o f status, those 
that had been filed, and those that had been recorded as released, satisfied, dismissed, or 
paid.

In addition to determining the number o f files with missing and duplicate accounts, the 
researchers tabulated the number o f files that contained certain inconsistencies between 
the three repositories regarding account details for accounts reported by all three. The 
inconsistencies o f interest were: the number o f payments recorded as 30 days late; the 
number o f payments recorded as 60 days late; the number o f payments recorded as 90 
days late; the balance reported on revolving accounts or accounts in collection; the credit 
limit reported on revolving accounts; the past due amount; the method o f payment (a 
code indicating i f  the account is currently being paid as agreed, is currently late, was late, 
but is now paid, etc.); the date o f last activity on defaulted accounts; and the type o f 
account. Finally, the researchers tabulated the number o f files that reported a defaulted 
account, but did not report the date o f last activity on that account.



VI. Findings

1. Almost One in Ten Files was Missing a Credit Score from at Least 
One Repository.

O f the 1704 unique files reviewed, 1545 files had at least one score reported from each 
major credit repository. The remaining 159 reports were excluded from the statistical 
analysis because o f one or more missing scores. Table 1 details the status o f the files 
included and excluded from the analysis.
Table 1. Status o f Files Reviewed in Phase One.

1390 Files wilh exactly 3 repositories scored, with no additional scores or unscored reports 
114 Files with 3  repositories scored but with additional scores and unscored reports

 41 Files with 3 repositories scored but with additional unscored reports_____________________
1545 Subtotal: nun iber ot files with 3 bureau scores -  included in analysis

58 Files with only 2 repositories scored*
26 Files with only 1 repository scored*
62  Files with no repositories scored*

 13 Duplicate files, test files o r other errors that were thrown out____________________________
159 Subtotal: number of files excluded from analysis

A. Phase One

1704 Total Files Reviewed

* Unscored files include cases where no file was returned (no hit on information input during request) as well 
as cases for which a file was returned but not scored.

2. A Substantial Number o f Files Met the Criteria for Further Review.
O f those ’.j45 files that had valid scores from each repository, 591 files, or 38%, were 
flagged for further review, based on the tliree predefined criteria outlined in the previous 
section and below.

O f the 1545 valid files:
1. 453 files, or 29%, had a range o f 50 points or more between the highest and 

lowest scores.
2. 175 files, or 11%, had a middle score between 575 and 630 and had a range o f 30 

points or more between the highest and lowest scores.
3. 250 files, or 16%, had high scores above 620 and low scores below 620.

These numbers do not total 591 because many files met multiple criteria. Table 2 
provides more detail on the number o f files that met each o f the criteria.
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Table 2. Number o f Files that met Criteria for Further Review in Phase One

M et C rite rion  I____________________________ 4 5 ?
M et C rite r ion  1 on ly 273
M et C n ten a  1 and 2  on lv 29
M et C riteria 1 and 3 on ly 79
M et a ll three C n ten a 7 2

Met C n tcn on  2 175
M et C n tcn on  2 on lv 3 9
Met C n lc r ia  1 and 2  on lv 2 9
M e l C rite ria  2  and 3 on ly 3 5
M et a ll three Cn ten a 7 2

M et C r i le n on  3 2 5 0
M e l C n tcn on  3  on ly 64
M et C riteria 3 and 1 on lv 79
M e l C rite ria  3 and 2 on ly 35
M e l a ll three C n te ria 72

M e t an v  o f  the th re e  C r i t e r ia 591

3. Numerous Files Contained Additional Repository Reports and 
Information not Relevant to the Consumer’s Credit History.

Each file examined had been generated from a request for a merged file that included one 
report and one score from each repository. However, one in ten files (155 out o f 1545) 
contained at least one, but as many as three, additional repository reports. These reports 
were not duplicate copies o f reports, nor were they residual reports from previous 
applications for credit. These additional report's were returned from the same 
simultaneous request that produced the other reports in the file. Fo r 114 o f the files with 
additional reports, at least one. but as many as three o f these additional reports also 
contained a credit score. It was unclear to researchers exactly how various systems 
would interpret these additional repository reports.
In some cases, an additional repository report was clearly reporting the credit activity o f a 
separate person (no accounts from the additional report appeared on the three primary 
reports, and vi;e versa). However, it was very common for the additional report to 
contain a mixture o f credit information, some o f which belonged to the applicar.. and 
some o f which clearly did not. In some cases, applicants had split files that appeared to 
be the result o f applying for credit under variations o f their name.
Common reasons for returning additional repository reports included;

? Coniusion between generations with the same name (Jr., Sr., II, III, etc.).
? Mixed files with similar names, but different social security numbers.
? Mixed files with matching social security numbers, but different names.
? Mixed files that listed accounts recorded under the applicant’s name, but with the

social security number o f the co-applicant.
? Name variations that appeared to contain transposed first and middle names.
? Files that appeared to be tracking credit under an applicant’s nickname.
? Spelling errors in the name.
? Transposing digits in the social security number.
? An account reporting the consumer as deceased.



4. Scores Reported by the Three Repositories for a Given Consumer 
Varied Substantially.

The review found considerable variability among scores returned by the three credit 
repositories. Because the repositories all use the scoring model provided by Fair, Isaac, 
and Company, this considerable variability among scores suggests considerable 
differences in the information maintained by each repository. Fair, Isaac, and Company 
attribute variations in credit scores to variations in credit data20. However, some have 
suggested that variations in credit scores may be occurring because not all data users are 
adopting new versions o f the scoring model simultaneously. Researchers explored this 
concern using the data collected for Phase Two, and found the impact o f different scoring 
models to be negligible.

Only one out o f  five files (328, or 21%) could be considered extremely consistent, with a 
range o f fewer than 20 points between the highest and lowest scores. One in three files 
(475, or 31%) had a range o f 50 points or greater between scores, and one in twenty files 
(81, or 5%) had a range o f 100 points or greater between scores.

The average (mean) range between highest and lowest scores was 43 points, and the 
median range was 36 points. These statistics were reasonably consistent among the three 
regions21.

Files with good and bad credit both appear susceptible to large point ranges, although 
consumers with poor credit may be slightly more susceptible. Chart 1 compares the 
middle score o f all files with the range between the highest and the lowest score for that 
file. The middle score is often the score used for loan approval. On this chart there is 
slight correlation between middle score and score variability. The regression trendline, 
which in this case estimates the average score range for each middle score, is relatively 
flat, but is higher for files .'ith worse overall credit. This means that, on average, files 
with low middle scores ha\ e slightly greater variability among their scores, relative to 
files with high middle scores.

For example, for a middle score o f 550, the regression line has a value o f 50, meaning 
that the average range between high and low scores for files with a middle score o f 550 is 
50 points. In comparison, the average range between high and low scores for files with a 
middle score o f 700 is 40 points. Thus, files with a middle score that is 150 points lower 
have an average score variability that is 10 points greater.

*° Fair Isaac, and Company address the question o f differing information at the three repositories as part o f 
the explanation o f how credit scoring works on their consumer oriented website, myFICO.com, stating: 
“ Your score may be different at each o f  the three main credit reporting agencies: The FICO score from 
each credit reporting agency considers only the data in your credit report at that agency. I f  your current 
scores from the three credit reporting agencies are different, it's probably because the information those 
agencies have on you differs.”  (Tttm'/www.mvfico.com'mvfico/CrcditCentral'ScorineWork.s.asn)
*' In the Eastern region, the mean range was 40 and the median range was 33. In the Midwestern region, 
the mean range was 43 and the median range was 36. In the Western region, the mean range was 46 and 
the median range was 38.
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5. Reports Contained Limited Information to Help Consumers 
Understand the Principal Reasons for their Credit Scores.

I f  a consumer is subject to an adverse action because o f information in a credit report, 
federal laws (the Fair Credit Reporting Act and the Equal Credit Opportunity Act) require 
the lender to make certain disclosures. Adverse actions include, among other things, 
denial o f credit, or denial o f favorable terms on credit. The required disclosures include 
statements that an adverse action has occurred and that the decision was based in part or 
entirely on a credit report and the specific, principal reasons for the 1 dverse action 
(generally four reasons are given)22.

Thus, each repository report contains the four principal reasons contributing to the score 
returned, as identified by the automated process that calculated the score. The three 
repositories have approximately forty standard reasons that can be provided through this 
process. However, a mere four reasons were provided as the primary contributing reason 
on 82% o f the reports reviewed (i.e. the reports in the 591 files that met any o f the criteria 
for further review outlined in the study design). The four most frequently returned 
explanations for a consumer’s score, with the frequency with which they occurred, were:

"  National Consumer Law Ccnlcr, Fair Credit Reporting Act, Fourth Edition. 2000.
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? “Serious delinquency, and derogatory public record or collection filed" (37% o f 
all explanations).

? “ Serious delinquency” (20% o f all explanations).
? “Proportion o f balances to credit limits is too high on bank revolving or other 

revolving accounts” (15% o f all explanations).
? “ Derogatory public record or collection filed” (10% o f all explanations).

It is important to note that three o f the explanations ( “Serious delinquency,” “Derogatory 
public record or collection filed,” and “Serious delinquency, and derogatory public record 
or collection filed” ) convey at least partially redundant information. These three 
explanations alone constituted 67% o f all primary reasons provided.

6. In Depth Reviews Revealed Significant Erro rs and Inconsistencies, 
Some o f Which were Likely Artificially Lowering Consumer Credit 
Scores, and Some o f  Which were Likely Artificially Raising Consumer 
Credit Scores.

In depth reviews were done o f files that met the second criterion for further review (had a 
middle score between 575 and 630 and a range between high and low score o f more than 
30 points), or i f  the file had a range between scores o f more than 90 points. In each case, 
researchers attempted to identify any obvious inconsistencies between the account level 
data on each o f the repository reports, determine whether these inconsistencies were the 
result o f omissions, or i f they reflected conflicting credit data, and make a determination 
o f whether the scores were likely being artificially inflated or artificially deflated by these 
inconsistencies.

There are obvious limitations to what the researchers could conclude during in depth 
reviews o f credit file details without the aid o f either creditors or consumers to 
corroborate or contest inconsistencies. The researchers attempted to approach these 
evaluations in as conservative a manner as possible; for example when derogatory 
information, such as a collection, was reported on only one repository, researchers tended 
to assume that the derogatory information was correct. However, when finer details were 
inconsistent, such as the current payment status o f a given account, the more recent 
information was usually assumed to be correct. In total, 258 files were reviewed in 
depth.

For approximately half o f the files reviewed in depth (146 files, or 57%), researchers 
were unable to identify clearly whether inconsistencies in the reports were resulting in an 
artificially higher or artificially lower score. In many cases this was because there were 
large numbers o f derogatory accounts, reported in various combinations by one, two, or 
three o f the credit repositories. For those files for which a determination was made, an 
even split existed between files for which one or two scores were likely artificially high 
(56 files, or 22%) and files for which one or two scores were likely artificially low (56 
files, or 22%). Thus, at leasi one in five at risk borrowers, but likely many more, are 
likely being penalized because o f an inaccurate credit report or credit score. Similarly, at 
least one in five at risk borrowers is likely benefiting from inflated scores because o f
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incomplete credit information. However, these figures are based on the assumption that, 
in the absence o f contradictory information, all information that was reported by only one 
repository was accurate. The figures likely underestimate the actual number o f borrowers 
who are at risk because they do not account for information that is simply incorrect, does 
not belong to the borrower, or has been contested and removed from one or two 
repositories, but not from all three.

While this finding suggests a certain statistical equilibrium between the harm and benefit 
that obvious omissions, mistakes, and inconsistencies may be causing to consumers on 
the macro level, credit scores are purported to offer consumer-specific evaluations, and 
are used to generate customer-specific prices and decisions. Lenders suffer little harm so 
long as there is such statistical equilibrium because the large number o f consumers they 
serve allows them to benefit from the countervailing impact o f these errors on a given 
pool o f loans. Consumers, on the other hand, have one score for every purchase, and do 
not benefit from such statistical averaging. Given the number o f decisions regarding 
access and pricing o f essential services that rely on these scores, their determination 
should not be a lottery in which some consumers “ win” because derogatory information 
is omitted while other consumers “ lose” because erroneous, contradictory, outdated, or 
duplicated information is reported in their credit history. Rather, scores should be 
determined fairly and based on complete, current, and accurate information.

B. Phase Two

The second phase o f the study examined the scores and primary factors contributing to 
the score, as identified by the repositories, from 502,623 files compiled from electronic 
records. Examining this very large sample allowed for a corroboration o f some o f the 
findings o f Phase One among a larger population, roughly equivalent to a 0.25% sample, 
or one out o f every 400 consumers with credit reports. Furthermore, because no details 
o f the report were recorded beyond the credit scores and primary reasons for the scores, 
zip code data could be included without fear o f recording excessive personal identifying 
information. This allowed for verification that the sample had broad geographical 
representation.

1. Scores Reported by the Three Repositories for a Given Consumer
Varied Substantially.

The key findings from Phase Two are very similar to the findings from Phase One. Just 
fewer than one out o f four files (105,324 files, or 24%, compared to 2 1 % in Phase One) 
could be considered extremely consistent, with a range o f 20 points or fewer between the 
highest and lowest scores. One in three files (129,284 files, or 29%, compared to 31% in 
Phase One) had a range o f 50 points or greater between scores, and one in twenty-five 
files (17,626 files, or 4%, compared to 5% in Phase One) had a range o f 100 points or 
greater between scores.

The average (mean) range between high and low score was 41 (compared to 43 in Phase 
One). The median range between high and low score was 35 (compared to 36 in Phase



One). Chart 2 is a histogram showing the share o f files for which the range between 
highest and lowest score fell into 10 point bands up to 150, and the number o f files for 
which the range exceeded 150.

Chart 2. Frequency o f Ranges Between High and Low Score fo r  Phase Two
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2. Reports Scored With Different Versions o f Scoring Software Reflected 
Almost No Difference in Overall Variability o f Credit Scores.

As mentioned in the findings for Phase One, some have suggested that score variability 
can be explained by the fact that different versions o f the Fair, Isaac, and Company 
scoring software may be in use in the marketplace as data users transition to a new 
version. The data collected in Phase Two allowed researchers to assess this and 
determine that the fact that reports were scored with different versions o f the scoring 
models did not have an impact on the overall variability o f credit scores in this study.
Fair, Isaac, and Company produces the software for all three repositories, but each 
repository refers to the scoring software by a different name. When Experian adopts a 
new version o f the software, they discontinue the previous version (for example when 
they switched from a version Experian referred to as “ Fair Isaac” to a version Experian 
referred to as “Experian/Fair Isaac Risk Model” ), but users o f Trans Union and Equifax 
software must update to the newest software version themselves, and there can be more 
than one version o f the software in use at a given time. The sample examined in Phase 
Two reflected the use o f two different versions o f scoring software to score reports from 
Trans Union and Equifax. Trans Union reports were scored by an older version titled
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“Empirica” and a newer version titled “ New Empirica.” Equifax reports were scored by 
an older version titled “Beacon” and a newer version titled “Beacon 9623.”

The use o f different scoring models had a nearly imperceptible effect on variation among 
scores. Only three combinations o f scoring models occurred in the sample. Reports 
scored with the two older versions, “Empirica” and “Beacon,” had an average range 
between the highest and lowest credit score o f 39.61 points, and a median range o f 33 
points. Reports scored with “Empirica” and “Beacon 96” had an average range o f 40.85 
points, and a median range o f 34 points. Reports scored with “ New Empirica" and 
“ Beacon 96” had an average range o f 41.59 points, and a median range o f 36 points. 
Comparing these statistics to the overall statistics for Phase Two (an average range o f 4 1 
points and median range o f 35 points) shows that the influence o f different scoring 
models is negligible, and i f anything, the newer models resulted in a slightly greater 
variation among scores.

Recent commentary suggests that a new version o f the software, “ Next Generation 
FICO,” which Equifax will refer to as “Pinnacle,” Trans Union will refer to as 
“Precision” and Experian will refer to as “Experian/ Fair Isaac Advanced Risk Score,” 
may produce significantly different scores from earlier models, but has not been widely 
adopted in the marketplace2,1. The impact o f this new scoring tool is deserving o f 
attention. However, none o f the reports in this analysis were scored with this version o f 
the scoring software.

3. Reports Contained Limited Information to Help Consumers
Understand the Principal Reasons for their Credit Scores.

As in Phase One, a very limited number o f standardized responses represented the vast 
majority o f all explanations provided to consumers about their credit scores. The same 
four explanations that were predominant in Phase One were predominant in Phase Two, 
but in Phase Two a fifth code was returned with significant frequency.
Three explanations (“Serious delinquency,” “Derogatory public record or collection 
filed,” and “Serious delinquency, and derogatory public record or collection filed” ) 
represented 50% o f the primary explanations provided (compared to 67% in Phase One). 
The explanation “Proportion o f balances to credit limits is too high on bank revolving or 
other revolving accounts” represented 18% o f the primary explanations provided 
(compared to 15% in Phase One). While these explanations constituted a very large 
share o f all the principal explanations (7 out o f 10), a fifth explanation also constituted a 
significant share. The explanation “Length o f time accounts have been established" 
represented 8% o f all the primary explanations provided (compared to 5% in Phase One).

■’ In addition, 0.3% o f files scored by Translation were scored by a version titled "Horizon," 
approximately 6% o f files scored by all three repositories did not identify the version o f  the software used 
for scoring, and an extremely small number o f files (approximately 0.03%) were scored by a non-mortgage 
model, such as an auto model or a bankruptcy model.
w Harney, Ken. "Get Upgraded Credit Scoring,”  Washington Post, November 23. 2002, and "Lenders Slow 
to Adopt New FICO Scoring Model," Washington Post, November 30, 2002,



It is worth noting that the four principal reasons for credit scores were on every file 
included in the analysis in Phase Two, while Phase One only recorded the explanations 
for those that met the criteria for further review.

C. Phase Three -  Specific Types o f Errors
The dramatic ranges between credit scores uncovered in Phases One and Two seem to 
indicate wide ranging inconsistencies between the information on each repository for a 
given consumer. Phase Three attempted to quantify how many consumer files contain 
errors, and o f what kind. Errors o f omission (information not being reported by all 
repositories) and errors o f commission (inconsistent information between repositories, or 
duplicated information on a single repository) were both considered. Researchers 
recorded how many consumer files contained at least one o f each category o f errors 
identified.

Phase Three re-examined a 10% randomly selected sample o f the files reviewed at one o f 
the sites from Phase One. In this sample o f 51 three-repository merge files, errors o f 
omission and commission were both rampant. Table 3 lists the categories o f errors, the 
number o f files that contained such errors, and the percentage o f files that contained such 
errors.

This examination o f the frequency with which certain errors occur is not intended to 
imply that the occurrence o f any one o f these errors alone will necessarily reclassify a 
consumer into a more expensive pricing class. Tne actual impact o f any one o f these 
errors will depend upon what other information exists in the consumer’s credit report.
Any error with the potential to lower a consumer’s credit score will generally have a 
greater effect on “thinner” files, or files that have less information. Also, i f  a report has 
no derogatory entries, the first piece o f derogatory information will very likely have a 
more severe negative impact on a consumer’s apparent creditworthiness than the same 
information would have on a file with multiple derogatory entries. However, it is 
possible for a single derogatory entry to have a dramatic effect on a consumer’s score, 
whether or not it is accurate. I f  that consumer is near the threshold for a less favorable 
pricing class, it is very possible and probable that an error or errors in that consumer’s 
credit history could have a substantial material impact. Furthermore, most reports 
reviewed contained more than a single error, and the cumulative effect o f multiple errors 
increases the likelihood o f material impact on consumers.
The sample size in Phase Three is the smallest o f the three phases, due primarily to the 
time required to review files in sufficient depth to identify specific errors. The 
researchers recognize that the statistics from this phase have limitations and it is difficult 
to make definitive statements about the frequencies with which specific errors occur in 
the population at large based on these findings. However, this phase does document 
strikingly high levels o f errors and provides evidence that at the very least a significant 
minority in the general population are at risk for a variety o f errors o f commission and 
omission,
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Table 3. Types of Errors, and Number and Percentage of Files Containing Such Errors
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1. Significance and Frequency o f Errors o f Omission
Incomplete reporting o f information, or an error o f omission, can make a consumer 
appear either more credit worthy or less credit worthy, depending on the nature o f the 
information that is omitted. When a derogatory account, such as a collection., ite 
payment, charge off, or public record is omitted, the consumer’s record will appear less 
risky, and the consumer’s credit score will likely be artificially high. However, when a 
positive account, such as a mortgage, auto loan, or credit card account that has been paid 
as agreed, is omitted, this responsible credit behavior will not be conveyed and the 
consumer’s credit score will likely be artificially low.
Positive account information is especially important for consumers who are just 
beginning to establish credit, or who are working to re-establish their credit rating after 
bankruptcy. Omitting positive information can have a dramatically negative impact on 
such consumers. Failure to report positive accounts can deflate scores, or even make it 
impossible for the scoring model to produce a score. Such outcomes make it more 
difficult to enter or return to the prime lending marketplace, relegating affected 
consumers to the higher priced subprime market.

Because o f the limitations o f the study, researchers were unable to determine definitively 
whether many o f these errors were errors o f omission. For example, researchers could 
not be certain that accounts appearing on one report only were the result o f omissions by 
the other two repositories, or i f  the accounts appeared as the result o f merging errors, or 
compiling errors on that one repository (and actually did not belong to the consumer), or 
i f  they had been contested and removed from some repositories but not removed from all 
three. In the absence o f evidence that presented a contradiction, researchers 
conservatively treated information appearing only on one or two repositories as an error 
o f omission.

a) More Files Contained Omissions o f Positive Information than
Contained Omissions o f Derogatory Information, but Omissions o f
All Kinds were Common.

Accounts that had never been late, and which have great significance for determining a 
credit score, were omitted with extremely high frequency. Omitted revolving accounts 
with no derogatory information were noted on the largest number o f consumer files. 
Nearly eight out o ften files (78.4%) were missing a revolving account in good standing.
In addition, one file out o f three (33.3%) was missing a mortgage account that had never 
been late, and two files out o f three (66.7%) were missing another type o f installment 
account that had never been paid late. Other accounts with no derogatory information, 
such as non-revolving credit cards, were missing on 15.7% o f all files.
Omissions o f accounts with late payments, but which had not been sent to collection, 
were less frequent than omissions o f positive accounts. Still, one in ten files (11.8%),
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was missing a revolving account with late payments reported, and many (7.8%) were 
missing revolving accounts that were being reported as defaulted by one o f the two 
repositories that reported the account. Half that number (3.9%) contained conflicting 
information about late payments on revolving accounts reported by two repositories. A 
much smaller number o f files were missing mortgages or installment accounts that had 
been late at some time in the past, or that had conflicting information regarding late 
payments, but 3.9% o f  files omitted a foreclosure.

The most commonly omitted derogatory information was for various types o f collections. 
Child support collection omissions were rare (2% o f files), but one out o f five files 
(19.6%) omitted a medical collection, and one out o f four files (25.5%) omitted a 
collection o f some other kind.

b) Medical Collections Raise Special Concerns Regarding
Appropriateness and Privacy.

Medical collections, as a subset o f collections that were often not reported on all three 
repositories, deserve special attention. Disputes between consumers, health insurance 
companies, and medical care providers occur frequently, and can be o f extended duration. 
Many medical bills are referred to collection agencies during these disputes but are 
ultimately paid by insurers. Therefore, i f  all the relevant facts were known these 
collections could very likely be errors o f commission, rather than errors o f omission, as 
they may not accurately reflect consumer debt repayment behavior.
Another issue noted by researchers related to medical collections was the high degree o f 
information that can be inferred from the information in medical collection entries listed 
on a consumer’s credit report. The names o f many medical creditors are specific enough 
to allow for identification o f categories o f treatment. For example, information in 
collection entries identified categories o f medicine, such as perinatology, and neonatal 
health clinics. This could have especially significant ramifications i f  full credit reports 
are reviewed by potential and current employers, who may infer from such collections 
that an applicant, or employee, has an unusually sick newborn, and may be more likely to 
be called away from the o ffic e ". In other cases, consumers may simply wish not to have 
the fact that they have sought treatment for other very private matters (such as treatments 
for fertility, mental health, or A ID S) to be readily discernible by anyone who reviews 
their credit record.

Section 604 (g ) o f the Fair Credit Reporting Act states that “ A consumer reporting 
agency shall not furnish for employment purposes, or in connection with a credit or 
insurance transaction, a consumer report that contains medical information about a 
consumer, unless the consumer consents to the furnishing o f the report.” However, 
consumers have complained about the difficulty o f identifying the original creditors for 
collection accounts that appear on their files, and best practices have been proposed by

*5 I t  is t h e  r e s e a r c h e r s ’ u n d e r s t a n d in g  that c u r r e n t  m a r k e t  p r a c t i c e s  d o  n o t  p e rm i t  e m p l o y e r s  t o  v i e w  th e  
s a m e  l e v e l  o f d c a i l  th a t  is p r o v i d e d  to  p o t e n t i a l  l e n d e r s .  E m p l o y e r  c r e d i t  r e p o r t s  g e n e r a l l y  d o  n o t  c o n t a in  
th e  n o t a t i o n s  c n  c o l l e c t i o n  e n t r i e s  tha t  w o u l d  a l l o w  t h e m  t o  m a k e  s u c h  m e d i c a l  i n f e r e n c e s .



the Consumer Data Industry Association that attempt to strike a balance between 
protecting consumers’ medical information and providing enough information to allow 
consumers to identify the original source o f debts. Furthermore, it is the Researchers’ 
understanding that in Massachusetts, the original creditor must be listed for every 
collection account.

c) Public Record Information was Frequently Omitted. Including 
Both Information that Would Likely Increase Credit Scores and 
Information that Would Likely Decrease Scores.

One in ten files had an omitted date o f fulfillment for a bankruptcy, an omission that 
almost certainly lowered the corresponding credit scores. Several files also contained 
reports that omitted liens, both satisfied (3.9%) and unsatisfied (7.8%), and judgments, 
both satisfied (3.9%) and unsatisfied (5.9%). One file contained a dismissed civil law 
suit that was reported to one repository only.

Given the dramatic frequency o f omissions o f both positive information (such as 
mortgages) and derogatory information (such as collections and public records) it is clear 
that errors o f omission have the potential to undermine the accuracy o f consumer credit 
records and, by extension, credit scores. It should be noted that true errors o f omission 
(excluding unrelated account information that is erroneously captured by one repository 
and disputes which have not resulted in removal o f information from all three 
repositories) are most likely the fault o f the creditor, not the credit repository. I f  a data 
provider, be it a collection agency or major national bank credit card, decides not to 
report information to all three repositories, then the repositories do not know the 
information and cannot report it.

2. Errors o f Commission
Also o f great concern to consumers is the frequency with which errors o f  commission, or 
inclusion o f incorrect information, occur in credit reports. A  credit report with incorrect 
derogatory information makes a consumer appear to be a greater lending risk and will 
likely artificially lower the consumer’s credit score. In addition, duplicate reporting o f 
accounts can have an impact on a consumer’s scores.

Again, because the researchers did not have the benefit o f knowing the consumers' credit 
histories, we were limited in the errors o f commission that we could identify. Only in 
cases where repositories were reporting conflicting details on an account could 
researchers identify with certainty that at least one repository was incorrect. Even with 
these limitations, the findings are troubling.

a) Manv Consumer Files Contained Conflicting Information 
Regarding the Consumer’s Record o f Late Payments.

In 43.1% o f the files, reports regarding the same accounts conflicted regarding how often 
the consumer had been late by 30 days. In nearly one out o f three cases (29.4%), there



was conflicting information about how many times the consumer had been 60 days late, 
and conflicting information regarding the number o f times an account had gone to 90 
days late in one out o f four consumer files (23.5%). Late payments, especially on recent 
accounts, can be very detrimental to a consumer’s credit score. Delinquencies are 
identified as major contributing reasons foi a consumer’s score on the majority o f reports.

In some cases, but by no means in all, different numbers o f  late payments may be the 
result o f the timing o f record updating procedures by the repositories. For example, one 
repository may have information on an account that is current as o f June, whereas another 
repository may only have received or loaded information current as o f May. However, 
this phenomenon would only explain variations for accounts that are currently past due, 
and not for the significant number o f files that were currently reported as paid on time, 
but had discrepancies in the historical count o f late payments. Furthermore, regardless o f 
a repository’s particular timing, a consumer will be evaluated on the information 
available at the time o f application.

b) Reporting o f Account Balances was Inconsistent

Inconsistencies regarding the balance on revolving accounts or collections appeared on 
82,4% o f files, and inconsistencies regarding an account’s credit limit appeared on 96.1% 
o f files. These particular numbers are presented with one qualification. The software 
used to review reports presents information in a field titled “credit limit/high credit.” 
Researchers acknowledge that the raw data may contain separate information regarding 
the high credit (the highest amount ever charged on this account) and the credit limit (the 
amount o f credit made available by the creditor) and the observations regarding 
inaccuracies in these fields may not reflect the data used to derive credit scores.
However, even with this qualification, there are reasons to be concerned about incorrect 
reporting o f balances or credit limits. Credit card lenders have an incentive to obscure 
the real credit limit from credit reports, as a means o f retaining existing borrowers. I f  a 
credit card lender reports a credit limit as lower than the actual limit ( for example by 
reporting the high credit as the credit limit) the borrower will appear to be closer to 
“ maxing-out” their credit, and will appear less attractive to competing credit card lenders. 
Thus, the consumer will be less likely to receive competing offers. Such misreporting 
also poses a significant risk to consumers’ overall credit rating. The practice o f 
deliberately refusing to report complete and accurate account information in order 
obscure consumers' credit has drawn repeated condemnation from John Hawke, the 
Comptroller o f the Currency2". There is good reason to be concerned, given that one o f

^  In a May 5, 1999 speech before Neighborhood Housing Services o f  New York, Hawke stated, “ Subprimc 
loans can’t become a vehicle for upward mobility i f  creditors in the broader credit market lack access to 
consumer credit history. Yet, a growing number o f subprime lenders have adopted a policy o f  refusing to 
report credit line and loan payment information to the credit bureaus -  without letting borrowers know 
about it. Some make no bones about their motives: good customers that pay subprime rates arc too 
valuable to lose to their competitors. So they try to keep the identity and history o f these customers a 
closely guarded secret”  (http://www.occ.trcas.gov/ftp/releasc/99-4l a.doc). He reiterated these concerns in 
a June 9, 1999 speech before the Consumer Bankers Association, condemning the objectionable practice o f 
non-reporting and noting that, “ failure to report may not be explicitly illegal. But it can readily be
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the most frequently provided explanations for a consumer’s credit score is that the 
“proportion o f balances to credit limits is too high on bank revolving or other revolving 
accounts.” This is the primary explanation listed on approximately one out o f six reports.

c) Contradictory or Missing Dates Occurred Frequently and Have 
the Potential to Distort a Consumer’s Record.

Because more recent credit activity is more influential in determining a credit score, it is 
important that the relevant dates on accounts be accurate. This is primarily true for 
accounts that have gone into default. Creditors track the date o f last activity on consumer 
accounts, but, because most creditors report to repositories in large batches o f data on 
many accounts, credit repositories also track a second date -  the last date the information 
was reported by the data provider. I f  a data provider fails to report any information in the 
date o f last activity data field, the scoring software will assume that the date last reported 
is the date o f last activity. Thus, i f  a consumer has an account that defaulted several 
years ago, but otherwise has good credit, under normal circumstances the relative impact 
o f this account will diminish over time. However, i f  there is no date o f  last activity 
reported, this default will seem perpetually as recent as the last submission o f a batch o f 
data from that provider. One in five consumer files (21.6%) contained a defaulted 
account that did not report a date o f last activity. One in four files (25.5%) contained 
contradictory information regarding the date o f last activity.

d) Duplicate Reporting o f Accounts did not Appear to be as
Widespread as Manv o f the Other Errors Noted in this
Investigation.

When accounts were reported multiple times by a single credit repository, they tended to 
be accounts that had no derogatory information, which may provide an artificial boost to 
a consumer’s credit scores by giving the impression that the consumer has successfully 
managed more credit than lie or she actually has, but may also lower a consumer’s credit 
score by increasing their apparent overall debt load. Also, on 5.9% o f files a collection 
was reported more than once on a single credit report, likely artificially lowering the 
score. This was usually the result o f a collection being reported by the original creditor
as well as a collection agency that had taken over the account.
Further contradictions existed regarding the method o f payment (whether an account was 
current, late, charged off, in collection, etc.) on 60.8% o f files, the type o f account 
( revolving, installment, mortgage) on 21.6% o f files, and the past due amount on 17.6% 
o f files.

3. Merging and Compilation Errors

Credit data are complex, and accurate interpretation o f it can sometimes take a 
considerable amount o f time and effort. When credit reporting agencies and credit users

characterized as unfair: it may well be deceptive, and -  in any context -  it's  abusive" 
(http://www.occ.treas.gov/ftp/rclease/99-5la.doc).
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review merged reports, they employ software to help organize and simplify the 
information, so the user can quickly assess the unique information contained in each 
repository without having to sift through the same information reported by another 
repository. The design o f a tool to do such work involves making certain choices, which 
can lead to significantly different results. For example, some merging software is 
designed to present the details for a given account from one o f the three repositories to a 
credit user, and “hide” the other two repositories reports. Other software utilizes a 
merging logic that takes some information from each repository report to create an 
amalgam o f the information in each credit report. This one example o f a design decision 
can result in a very different presentation o f the same raw data to a credit reporting 
agency or credit user.

The discussion o f duplicate and mixed files in Phase One already illustrated that a large 
number o f errors enter the credit reporting system when the automated software used by 
the credit repositories compiles information about credit users. Use o f nicknames, 
misspellings, transposed social security numbers, and mixed files that report information 
under one person’s name, but match that name to a spouse’s social security number, are 
all examples o f variations that can result from an automated interpretation o f complex 
and sometimes contradictory personal identifying data. Software designers must make 
explicit choices about how to interpret this data, and what form the output will take. For 
one in ten files, the result was an additional repository report and/or an additional credit 
score.

A similar potential for error exists when automated systems interpret multiple reports, 
merging the three credit reports into a single representative report. This process attempts 
to reconcile the voluminous inconsistencies between repositories for account level 
information. Given the difficulties that are apparent from the attempts to reconcile 
individual consumer information, the importance o f ensuring a fair and rigorous merging 
logic for any compilation software is clear.

These concerns raise many questions. How exactly does a software program that collects 
information from multiple credit repositories interpret conflicting or duplicated 
information? How much variation can a given software package consider before an 
account entry is treated as a separate account? How many creditors are trying to game 
the marketplace by not reporting complete or accurate information about consumers -  in 
effect making consumers appear less creditworthy than they actually are to other potential 
creditors, in a bid to protect their customer base?

We do not raise these problems to advocate an end to use o f multiple repository reports.
In fact, use o f multiple credit scores serves as a control against errors o f omission. (All 
o f the errors o f omission identified in this study were identified because o f the use o f 
multiple repository reports.) On the contrary, we identify these problems to illustrate that 
there are difficult choices that must be made when developing all o f the components o f 
the interconnected system that evaluates credit. Given the lack o f oversight o f this 
dimension o f the market, there is a very real potential for developers to make choices that



result in a system that is unfair to consumers in general or to a certain segment o f 
consumers., such as those nearest the threshold between prime and subprime.
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A. Credit scores and the information in credit reports vary significantly among 
repositories.

The scores based on data from the three repositories can vary dramatically for all 
consumers regardless o f whether they have generally good or bad credit histories. 
Approximately one out o f every three files (31%) had a range o f 50 points or greater, and 
one out o f twenty reports had a range o f 100 points or greater (5%). The average range 
between high and low scores was 43 points (median range was 36).
The wide range in credit scores reflects a similarly broad variation in the data contained 
in each repositoiy report for a given consumer. Significant accounts, such as mortgages, 
credit cards, collections, and public records, were regularly omitted from one or more 
credit repository reports. In addition, for most consumers, the details o f accounts that are 
reported by all three repositories are unlikely to be completely consistent. Information 
about late payments, the balance and credit limit on revolving accounts, and the current 
status o f accounts are among errors that occur frequently.

B. Many consumers are unharmed by these variations, and some probably 
benefit from them.

Consumers with very good credit histories, whose credit scores place them firmly above 
the cutoff for the most the favorable product terms, are as likely as any other consumer to 
have variation between credit scores. However, as long as that variation does not result 
hi scores that are lower than the qualifying score for the best terms for credit, insurance, 
or any other product or service underwritten by their credit score, there will be no 
material harm. The number o f consumers in this category is somewhat unclear and 
depends upon the products being sought and the qualifying scores for those products.
Furthermore, those near the boundary between pricing ranges, such as the division 
between the prime and subprime mortgage markets, who have errors that artificially raise 
their scores may be artificially classified as lower risk. As a result, such consumers have 
the potential to reap some benefit from the inconsistencies.

C. However, tens o f millions o f consumers are at risk o f being penalized for 
incorrect information in their credit report, in the form o f increased costs or 
decreased access to credit and vital sen'ices.

We estimate that tens o f millions o f consumers are at risk o f being penalized by 
inaccurate credit report information and incorrect credit scores. Between 190 and 200 
million Americans, or nearly every adult consumer, has a credit report that can be scored 
to produce a credit score. Businesses from mortgage lenders to utility providers 
increasingly have established pricing structures in which the charge for the loan or 
service corresponds to a credit score range. Errors in credit reports that lower a 
consumer’s credit score can place that consumer into a more expensive pricing range than

VII. Conclusions and Implications of the Findings for Consumers



he or she deserves to be in. Credit scores below a certain cutoff point can even disqualify 
consumers outright.

Looking at the mortgage market as an example, the two most significant ranges are 
denned by a credit score o f 620. Whether a consumer's credit score is above 620 or• > *77below 620 determines i f  the consumer qualifies fo r  the lower priced prime market, or i f  
the consumer will be limited to subprime market, which imposes higher borrowing costs, 
often requires larger down payments, and exposes consumers to abusive predatory 
lending practices. In addition to this primary division in the prime and subprime 
mortgage markets, there are secondary pricing ranges. According to the consumer 
focused website o f Fair, Isaac, and Company (www.myfico.com), consumers with a score 
between 720 and 850 will qualify for the lowest interest rates, but there are at least four 
different pricing ranges in the prime market and at least two in the subprime market. 
Consumers with a score between 700 and 719 will be charged higher borrowing costs 
than those in the highest score range. Prices similarly increase for scores between 675 
and 699, and between 620 and 674. Within the subprime market, the two pricing ranges 
identified by Fair, Isaac, and Company are from 560 to 619 and from 500 to 559.

This study focused on consumers at risk for misclassification into the subprime market 
due to inaccurate information in their credit report and found that one in five consumers 
(20.5%) is at risk. We have defined at risk consumers as either having a middle credit 
score between 575 and 630 with a score variance o f greater than 30 points, or as having a 
high score above 620 and a low score below 620. Among these at risk consumers, based 
on our analysis o f files, we estimate that at least one in five (22%) is likely being 
penalized with lower scores than deserved because o f errors or inconsistencies in his or 
her credit report that are clear enough to be noticed by an outside observer unfamiliar 
with that consumer’s debt payment history. (We also estimate that at least one in five 
(22%) has scores that are likely too high due to a lack o f reporting by creditors to all 
repositories.) The remaining sixty percent o f at risk consumers have credit reports 
without errors clear enough to allow an outside observer to determine whether their credit 
scores are artificially low or artificially high. We strongly suspect that a significant share 
o f these at risk consumers also have artificially low credit scores due to errors in their 
reports that they would be able to identify i f  given the opportunity.

While the findings suggest that there may be some statistical equilibrium between those 
consumers who have artificially high scores and those who have artificially low scores, 
such statistical averaging is irrelevant to the individual consumer who is penalized based 
on errors in his or her credit report. Credit scores are purported to offer consumer 
specific evaluations o f credit and do result in consumers specific decisions regarding 
pricing and availability for the essentials o f daily life and economic activity.
Consumers may be harmed by both errors o f commission and errors o f omission. Errors 
o f commission can lower a consumer’s score in situations such as when incorrect

•7 Because o f the aggressive sales tactics o f subprime and predatory lenders, many consumers who have 
credit scores above 620 have subprimc loans, although they could have qualified for less expensive prime 
loans. This is an important but separate issue.
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information or mixed files add the credit history o f others to a consumer’s report. Errors 
o f omission can lower a consumer’s score when the record does not contain full and 
accurate information regarding existing accounts paid as agreed.

Those consumers on the threshold o f subprime status face particularly dire consequences 
from this lack o f precision. Falling below the cutoff score for a prime rate mortgage can 
add a tremendous financial burden to these threshold consumers and make it more 
difficult to meet this and other financial obligations. Interest rates on loans with an “ A-” 
designation, the designation for subprime loans just below prime cutoff, can be more than 
3.25% higher than prime loans. Thus, over the life o f a 30 year, $150,000 mortgage28, a 
borrower who is incorrectly placed into a 9.84% “A-”  loan would pay $317,516.53 in 
interest, compared to $193,450.30 in interest payments i f  that borrower obtained a 6.56% 
prime loan -  a difference o f $124,066.23 in interest payments29.

We conservatively estimate that 40 million consumers (twenty percent o f the 200 million 
with credit reports) are at risk o f being misclassified into the subprime mortgage market, 
and at least 8 million (twenty percent o f these at risk consumers) would be misclassified 
as subprime upon application, but the actual numbers are likely much higher. These 
numbers do not even attempt to quantify the number o f consumers who are being 
overcharged because errors pushed them into a higher pricing range within the prime or 
subprime markets. Furthermore, consumers with errors in their credit reports and 
artificially low credit scores are penalized in a number o f markets in addition to the 
mortgage market. These figures do not address the consumers penalized with higher 
credit card interest rates, more expensive insurance, or those denied insurance, housing, 
utility service, or employment (an application o f credit scoring we expect to increase in 
frequency) on the basis o f erroneous credit scores.

D. Almost one in ten consumers runs the risk o f being excluded from the credit 
marketplace altogether because o f incomplete records, duplicate reports, and 
mixed files.

I f  a consumer has very little credit history, or is rebuilding credit after a bankruptcy, 
every positive account that they can establish is vital for creating a record that has 
sufficient information to be scored. I f  a lender requests scores for a consumer, but a 
repository is unable to return a score (as was the case for approximately one out o f ten 
files reviewed in this study), that lender may choose to set aside the customer's 
application and focus on an application with enough credit to be scored and priced with 
minimal work. This is especially likely during periods o f heavy volume, such as the 
prolonged refinancing boom currently occurring. Even if a lender later returns to the file 
that was set aside once volumes have subsided (perhaps because o f seasonal fluctuations 
in home buying activity, or because interest rates have risen), the consumer will have 
suffered substantial harm by being excluded even temporarily from the marketplace.

The Federal Housing Finance Board’s Monthly Interest Rate Survey reports that the national average loan 
amount for conventional home purchase loans closed during June of2001 was 5151,000.

Interest rates as reported by Inside B &C  Lending for 30 year Fixed Rate Mortgages for “ A -" Credit (par 
pricing), and “ A ”  Credit respectively, as o f July 14.



Consumers may not understand the implications o f incomplete reporting or non-reporting 
by their creditors, and would have little leverage to force their creditors to report up to 
date information anyway.

Similarly, consumers generally have no control over the inclusion in their credit files o f 
duplicate reports, or mixed information not belonging to them. The only person in a 
position to tell i f  a credit repository’s compilation system incorrectly groups unconnected 
information with a consumer, or to assess why their credit record was not scored, is the 
lender. But there is no requirement that the lender share the report or score with the 
consumer. Furthermore, i f  the lender incorrectly enters the identifying information, 
during a credit review, either leaving out information such as social security number, 
generation (Jr., Sr., etc.), or mistyping the applicant’s name or other information, the 
lender may be contributing to the problem. I f  a consumer later requests a copy o f his or 
her credit file after denial, he or she will often be required to provide more 
comprehensive information than the original data user. This means that the report 
eventually provided to the consumer may have a lower propensity o f errors than the 
version used to evaluate his or her application. This is especially true for non-mortgage 
credit, or mortgage credit underwritten with files ordered directly from one or more credit 
repositories. I f  a mortgage lender ordered a merged credit report from a credit reporting 
agency that merged the files into a new report, and after being denied the borrower 
requests a copy o f the credit report from that agency, the agency has an obligation to give 
the consumer the merged credit report.

The treatment o f unscored files is a very serious question. How do automated credit 
reviews treat files that contain extra scores, or extra reports that are unscored? One in ten 
requests fails to return a score from each repository. As many requests return cne score 
from each repository, but also return additional files that may or may not be scored. I f  
automated credit reviews reject additional files, as many as two in ten consumers could 
be excluded from the credit market outright because o f these problems.

E. The use o f information from all three repositories in mortgage lending 
protects consumers and creditors from being negatively affected by errors o f 
omission, but it may increase the negative impact on consumers o f errors o f 
commission.

The use o f information from all three repositories on mortgage underwriting offers 
consumers and creditors protection against errors o f omission by introducing the 
maximum available information to the scoring and underwriting process. However, 
errors o f commission actually occur on more files than do errors o f omission, and there 
are a number o f different approaches to using information from three repositories for 
underwriting purposes. Without a chance for borrowers to review their reports for errors 
o f commission at the time o f underwriting, and without oversight o f how the information 
is merged and presented, the use o f multiple repository sources o f data can produce a 
result that is harmful to consumers.



1. Standardized, generic explanations do not provide sufficient 
information for consumers to address inconsistencies and contradictions, 
let alone outright errors.

Approximately 7 in 10 credit reports indicated that the primary factor contributing to the 
score was “serious delinquency, derogatory public record, or collection filed,” or some 
subset or combination o f these factors, without providing any information about which 
specific accounts were responsible for the low scores. In many cases, it is not even clear 
whether a delinquency, public record, or collection was responsible for the score. In 
addition approximately one in six reports indicated that the primary reason for the score 
was that the proportion o f revolving balances to revolving credit limits was too high. 
These two relatively generic explanations were reported as the primary reason for a 
derogatory score on more than 8 out o f 10 reports reviewed.

The vague information provided by these explanations is too general to be helpful. Nearly 
all consumers near the subprime border have had some activity in their past that may fall 
under the broad terminology “serious delinquency, derogatory public record, or collection 
filed,” almost by definition, i f  their credit records were more favorable, they would not 
be so close to the subprime threshold. Such borrowers may accept this generic 
justification for a low score more readily than consumers with generally good credit.
Thus, the consumers who are most likely to be penalized by errors are the least likely to 
challenge these imprecise explanations. Because threshold consumers are not provided 
the specific account information that is lowering their scores, they are not given the tools 
to identify and correct possible errors. The situation would likely be different i f  
consumers had access to the full credit reports and scores used to underwrite their loan 
applications, with an indication o f which accounts had the largest negative effect on their 
scores. I f  this were the case, consumers would have a much more legitimate opportunity 
to identify and challenge any errors.
The credit report is a rare type o f consumer product. Consumers pay for it during 
mortgage underwriting, and are rewarded or penalized on the basis o f it, but are not even 
allowed to look at it, much less keep a copy for their records. Furthermore, consumers 
can understandably view the report as “theirs” because it is purportedly a record o f their 
behavior.

2. Consumers outside o f California have no affirmative right to know 
their credit scores.

Credit scoring is a shorthand that allows lenders to more quickly assess the complex 
information in a consumer credit report. However, with the exception o f California 
residents, consumers are not guaranteed access to their credit scores, although they arc 
permitted to purchase copies o f the underlying data. Thus, consumers are placed at a 
disadvantage relative to lenders when it comes to evaluating their own credit-worthiness. 
When Californians gained access to their scores, many lenders across the country did

F . C o n s u m e r s  a r e  n o t  g i v e n  u s e f u l  a n d  t i m e l y  i n f o r m a t i o n  a b o u t  t h e i r  c r e d i t .

41



begin making the scores available. As with the specific credit report used to evaluate an 
application, consumers are charged for the additional cost o f obtaining a credit score for 
underwriting, but have no guarantee that they will be able to view the specific score used 
to underwrite their loan. Currently, all three repositories allow consumers to purchase 
scores in conjunction with credit reports, but prior to the passage o f the California law 
requiring this, the repositories resisted providing scores to consumers.

G. Private companies without significant oversight are setting, or at the very 
least heavily influencing, the rules o f the marketplace fo r essential consumer 
services that base decisions on credit scores.

Companies, such as Fair, Isaac, and Company, have produced credit scoring software that 
is increasingly used in the marketplace to determine access and pricing for the essentials 
o f daily life and economic activity. Consumers have no choice regarding how lenders or 
other data users evaluate their credit, and widespread and increasing use o f credit scoring 
systems that evaluate applications for credit, mortgages, insurance, tenancy and even 
employment is a fact o f the marketplace. Scoring systems incorporate many complex 
decisions regarding the interpretation and treatment o f information that can be 
contradictory, incomplete, duplicative, or erroneous. There is great potential for these 
systems to incorporate inappropriate decisions that result in consumer harm, especially as 
models originally designed to evaluate credit applications are adapted to evaluate 
applications for services completely unrelated to credit behavior.

Despite the tremendous and growing influence o f automated credit evaluations, no 
government entity has recognized and acted on the clear need for ongoing, timely review 
o f these software systems to determine their accuracy, fairness and appropriate 
application. Many decision-makers who use scoring systems to evaluate consumer 
applications do not even understand the systems themselves and cannot explain them to 
consumers. Thus, while decisicn-makers are increasingly relying on programs that they 
do not understand, no public entity is guaranteeing the validity and fairness o f such 
programs. Without independent review and oversight o f this market force, consumers 
are, literally, left to the devices o f the system developers.

H. Certain information in credit reports has the potential to cause breaches o f
consumers' medical privacy.

Many credit report entries regarding medical collections contained enough information to 
infer medical details about consumers, such as the type o f treatment they had received.
The ability to discern from a credit report that a consumer may have received treatment 
from a neonatal clinic, a fertility clinic, a mental health provider, or an A IDS clinic has 
serious implications for medical privacy, and could potentially facilitate discriminatory 
treatment. While section 604 (g ) o f the Fair Credit Reporting Act prohibits furnishing o f 
medical data in connection with employment, credit, or insurance transactions, 
consumers also complain that reporting collection accounts without identifying the 
original creditor makes it difficult for consumers to decipher their own reports. It is the 
understanding o f researchers that current market practices limit the level o f detail in



repons provided to employers, aggregating information in such a way that individual 
creditors are not identified, and an employer would be unlikely to be able to make 
specific inferences about an applicant’s or employee’s medical condition. Nonetheless, 
the presence o f this information among the data held at the repository level is troubling 
and deserving o f farther attention.



VIII. How to Improve the System

A. Require creditors to immediately provide to any consumer who experiences an 
adverse action as a result o f their credit reports or credit scores a copy o f the 
credit reports and scores used to arrive at that decision free o f charge and permit 
disputes to be immediately resubmitted fo r reconsideration.

All consumers who experience an adverse action based on one or more credit reports or 
scores (such as having a loan or insurance application denied, being charged higher than 
prime rates, or receiving less favorable terms) should immediately be given a copy o f 
both the full report or reports used to derive that score and the related credit scores 
without having to pay any additional fee. These reports should identify any entries that 
are lowering the consumer’s score and indicate the impact (either the point value 
deducted for that entry or the proportional impact o f that entry relative to other 
derogatory entries in the report). The consumer should then be allowed to identify any 
errors or out o f date information, provide documentation, and be reevaluated for prime 
rates.

The additional cost to lenders and businesses o f providing these reports immediately 
would be minimal. Since they already posses the report in paper or electronic form, they 
would merely have to copy or print this report.

Simply providing consumers with the name and contact information o f  the consumer 
reporting agency or agencies that provided the information used to arrive at the decision 
is insufficient because it creates an unnecessary obstacle and, especially for non­
mortgage applications, the report a consumer will receive after submitting a request may 
very likely differ from the report the creditor reviewed. Errors from duplicate scores 
and/or mixed repons that may result from incomplete or incorrect keying o f information 
during the file request will not be apparent if the consumer correctly requests his or her 
file. One in ten consumer applications results in an additional report being returned by 
the repository.

B. Require decisions based on a single repository' 's credit report or credit score 
that result in anything less than the most favorable pricing to immediately trigger 
a re-evaluation based on all three repositories at no additional cost.

Lenders and other credit data users have a desire to keep their underwriting costs low.
This is a legitimate desire so long as consumers are not harmed in the process. Some 
reduce costs by underwriting certain decisions with only one credit report. For example, 
a lender may ofler pre-approval letters based on only one report, or underwrite home 
equity lines o f credit or second mortgages with a single report. Given the wide range 
between scores for a typical consumer and the frequency with which major accounts are 
omitted from credit reports, such practices have serious negative implications for 
consumers.



Measures should be put in place to protect consumers from any negative impact resulting 
from such underwriting practices. A  simple solution would be to require all decisions 
based on credit to use information from all three repositories. However, this could result 
in higher costs and reduced availability o f products such as pre-approval letters that are 
beneficial to consumers.

Alternatively, lenders and other credit data users could be permitted to continue 
underwriting based on one report, so long as any adverse impact based on information 
from a single repository immediately triggers a re-evaluation with information from all 
three repositories at no additional cost to the consumer. In this manner, businesses could 
continue to save on underwriting costs for consumers with very good credit, but 
consumers with less than perfect credit would not be forced to continue to pay a high 
price for inaccuracies, inconsistencies, or incompleteness on any one credit report.

C. Strengthen requirements fo r complete and accurate reporting o f account 
information to credit repositories, and maintenance o f consumer data by the 
repositories, with adequate oversight and penalties fo r  non-compliance.

Many errors in credit reports can be attributed to the practices o f creditors and other 
credit data users rather than to repositories. For example, some data furnishers may not 
report to eveiy credit bureau. Others may consciously misreport or omit information 
regarding an account in order to prevent other lenders from approaching a valuable 
customer with competing offers (such as credit card lenders not reporting the true 
available credit amount so that the borrower appears to have a much higher debt-to- 
available credit ratio and appears to pose greater risk when other lenders review the credit 
report). Appropriate government entities such as the Federal Trade Commission and 
federal banking regulators should require accurate and complete reporting o f credit 
information to the repositories by any entity that uses credit data to make evaluations and 
conduct regular examinations for compliance. In addition to scrutinizing reporting 
entities, a government entity (such as the Federal Trade Commission) shou.d audit the 
repositories’ records on a regular basis to identify data furnishers who report incomplete 
or incorrect information to the repositories. Such activity should be subject to fmes or 
other penalties for non-compliance. These audits should also assess the overall accuracy 
o f data maintained by the credit repositories, with appropriate fines or other penalties for 
inaccuracy.

Some may perceive tension between consumers’ interest in keeping their information 
private and their interest in having evaluations o f their creditworthiness be based on an 
accurate record o f their past behavior. However, consumers generally object to 
information sharing for secondary' purposes, not in the regulated Fair Credit Reporting 
Act context, provided it is subject to Fair Information Practices. The cost o f incorrect 
information is high, and it is possible to simultaneously serve both consumer interests 
reasonably well.

Not all providers o f consumer services use credit records or credit scores to determine 
consumer eligibility, or pricing. However, those that do should be required to complete
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the cycle o f information and report complete and accurate information back to the credit 
repositories. Information about any account that was underwritten with a report from one 
or more credit repositories should be reported to those repositories as frequently as the 
consumer is obligated to make payments. Collection agencies should be required to 
report on the status o f collections at least once every six months.

D. Establish meaningful oversight o f the development o f credit scoring systems.
Despite the fact that consumer access to, and pricing for, vital services such as 
mortgages, general consumer credit, insurance, rental housing, and utilities is 
increasingly dictated by the automated evaluation o f credit, there is no government 
oversight o f the design o f these systems. The calculations behind credit scores, a fact o f 
life for the American consumer, remain shrouded in secrecy.

The design o f credit scoring systems involves a number o f deliberate choices that can 
have a dramatic impact on consumers and can result in systems that are flawed or unfair. 
These choices can range from determining the relative impact o f various consumer 
actions to establishing the system defaults for cases where information such as date o f 
last activity is not reported, to designing the logic for interpreting public records or 
contradictory information reported for an account.

A wide variety o f entities have developed scoring models30, including Fair Isaac and 
Company, large mortgage lenders (such as Countrywide and GE Capital), the Federal 
Housing Administration and Department o f Veterans Affairs loan guarantee programs, 
the Government Sponsored Enterprises (G SEs) Fannie Mae and Freddie Mac, private 
mortgage insurance companies (such as PMI Mortgage Insurance Company and 
Mortgage Guarantee Insurance Corporation), and insurance companies. However, the 
only federal review o f the fairness o f any such models was a HUD review o f the GSE 
systems conducted in 2000, the findings o f which are expected to be released soon31.
While the delayed release will limit the relevance o f this review because the GSEs have 
made significant changes to their automated underwriting systems since the review was 
conducted, we recommend other agencies follow this example and conduct full reviews 
o f all scoring systems in the marketplace.

We recommend that appropriate government agencies, such as HUD, the Federal Trade 
Commission, and state insurance departments conduct regular, comprehensive 
evaluations o f  the validity and fairness o f all credit scoring systems, including any 
automated mortgage underwriting systems, insurance underwriting systems, tenant and 
employee screening systems, or any other systems or software that uses credit data as part 
o f its evaluation o f consumers, and report to Congress with its findings. These 
evaluations should be conducted and released in a timely fashion so that developers can 
react to any recommendations and so the reviews do not become outdated as new 
versions o f scoring software are developed and distributed. Strong oversight o f scoring

311 Straka, John. 2000. A Shift in the Mortgage Landscape: the 1990s Move to Automated Credit 
Evaluations. Journal of Housing Research. Volume 11, Issue 2.
31 Felsenthal, Mark. "H U D  Secretary -  mortgage software bias study out soon." Reuters. October 22, 2002.



systems that identifies and protects consumers from any abuses will foster consumer 
confidence in these powerful and increasingly utilized evaluation tools.

E. Address important questions and conduct further research.
In the course o f conducting this study, several questions arose which are not 
comprehensively addressed in this report, but are deserving o f further attention and 
research. This report primarily addresses the impact o f wide variations in credit scores 
and credit data on consumers who are seeking credit -  particularly mortgages. Future 
studies should explore the impact o f these variations on insurance availability and 
affordability, given the recent, dramatic increase in the use o f credit scores as an 
insurance underwriting tool. In addition, further research should address the impact o f 
data and credit score variations on consumers as a result o f other applications, such as 
tenant screening and employee screening. Additional research could assess the value to 
consumers o f fee-based credit monitoring services.
Other topics raised in this report, but not exhaustively addressed, include determining the 
value to consumers o f credit re-scoring relative to other means o f credit data validation, 
the impact o f anti-competitive market forces surrounding credit re-scoring, the privacy 
concerns surrounding the appearance o f medical related information in credit reports, and 
ways to protect consumers from abusive applications o f such medical information. The 
FTC should promptly develop and require a mechanism to obscure medical debtor names 
in credit reports.

The Fair Credit Reporting Act prohibits states from enacting any laws that provide 
protections beyond those guaranteed by federal statute. On January 1, 2004 this 
provision will expire, although the federal law will otherwise remain in place. Contrary 
to some characterizations, the entire act will not “sunset” on this date. This prohibition 
on supplemental state protections should not be extended, and if any changes to the Fair 
Credit Reporting Act are to be made at the federal level, they should result in greater 
consumer protections and address the problems raised in this and other research.
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IX. Recommendations for Consumers

Many o f the concerns raised by this study address structural issues regarding the system 
o f reporting and evaluating credit, which are beyond the scope o f most consumers to 
influence. However, there are some steps consumers can take to reduce the likelihood o f 
errors occurring, or to address them when they arise.

? Maintain consistency in credit applications: use your full legal name when applying 
for credit. I f  you have a generational title (Sr., Jr., I l l )  always specify this.

? Review your credit record regularly by purchasing a credit report and score from each
major credit repository once a year. The repositories can be contacted at the following 
phone numbers and website addresses: Equifax (800) 685-1111 or www.equifax.com; 
Experian (888) EXPER IA N  or www.experian.com: Trans Union (800) 888-4213 or 
www.transunion.com.

? Prior to applying for a mortgage, consider obtaining a current copy o f your credit
report and score from each major repository, and review it for errors.

? Dispute any errors that appear on your credit report by contacting the credit
repository. However, avoid “ credit repair’ businesses that claim to be able to erase 
valid items in consumers’ credit histories.

? Don’t underrate your credit. Ask for specifics i f  a lender tells you that you have bad 
credit and don’ t qualify. Currently lenders do not have to tell you the specifics, or 
show you the credit report that they review, but they are permitted to. I f  a lender 
refuses to talk to you about the specifics o f your credit report, consider a different 
lender.

? I f  you have complaints about your credit report and are unable to have them quickly 
resolved, contact the Federal Trade Commission at 1-877-FTC-HELP or 
www.flc.uov.
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EXECUTIVE SUMMARY
In 2002 the Washington State Legislature passed ESHB 2544, restricting the use o f credit scoring in 
personal lines o f insurance underwriting. ESHB 2544 also directed the Insurance Commissioner to produce 
two studies, on the effects o f credit scoring before and after ESHB 2544. To conduct the first study
mandated by ESHB 2544, the Office o f  the Insurance Commissioner hired independent research and
consulting services -  PRR, Inc, and Washington State University’s the Social and Economic Sciences 
Research Center, affiliated with Washington State University.

Three insurance companies each provided data on several thousand randomly chosen consumers. The 
insurance company data included

“ age,
■ gender,
■ residential zip code,
■ date policies started, and
■ credit scores and/or rate classifications.

About 1,000 o f each firm ’s consumers were contacted by phone. The phone survey gathered information 
about

0 ethnicity,
■ marital status,
■ income level, and
* for 212 people whose policies had been cancelled because o f low credit scores, 

information about how cancellation affected them, and how difficult it was to 
find replacement insurance.

Each o f the three insurance companies used a different credit-scoring model. Only one insurance company 
had cancelled policies solely because o f credit scores, and that practice had already been discontinued when 
the study began.

The purpose o f the study was to find out whether credit scoring has unequal impacts on specific 
demographic groups -  not to determine whether low credit scores correlate with higher loss ratios, or 
whether the use o f credit scoring is inherently fair or unfair to individual consumers, or how accurate credit 
history information is.

This study has very specific limitations:

■ Because practices vary widely from one insurance company to another, findings 
about credit so rin g  in one firm may not apply to others. Principal variations 
include:
- The credit scoring model used;
- The population to which it is applied, and
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- The role o f credit scoring in setting rates and assigning consumers to risk 
pools.

“ Insurance companies vary in the way they set rates for people who do not have
enough credit history to compute a credit score. Some companies view this as a 
negative factor, while others consider it a neutral factor.

■ Certain ethnic groups in Washington have relatively few older people, making 
it difficult to compare them with other ethnic groups in the same age range.

• Washington has a low overall percentage o f people o f color, which limits the
accuracy o f the data for specific ethnic groups such as Native Americans.

■ The study was based on records o f insurance company customers, so it does not 
provide information about people who were refused insurance based on credit 
scores.

■ This study does not examine whether the credit information used to set rates is 
accurate.

F in d in g s  o f  t h e  s t u d y
The demographic patterns discerned by the study are:

1 Age is the most significant factor. In almost every analysis, older drivers have, on average, higher credit 
scores, lower credit-based rate assignments, and less likelihood o f lacking a valid credit score.

2. Income is also a significant factor. Credit scores and premium costs improve as income rises. People in 
the lowest income categories -  less than S20.000 per year and between S20.000 and S35.000 per year -  
often experienced higher premiums and lower credit scores. More people in lower income categories also 
lacked sufficient credit history to have a credit score.

3. Ethnicity was found to he significant in some cases, but because o f d iffc rences among the three firms 
studied and the small number o f ethnic minorities in the samples, the data arc not broadly conclusive. In 
general, Asian/Pacific Islanders had credit scores more similar to whites than to other minorities. When 
other minority groups had significant differences from whites, the differences were in the direction o f 
higher premiums. In the sample o f cases where insurance was cancelled based on credit score, minorities 
who were not Asian/Pacific Islanders had greater d ifficulty finding replacement insurance, and were more 
likely to experience a lapse in insurance while they searched for a new policy.

4 The analysis also '■onsidcred gender, marital status and location, but for these factors, significant 
unequal effects were far less frequent.
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Rec o m m e n d a tio n s

This study indicates that there is a need for examination o f more companies and larger samples o f 
consumers. Unequal effects are too common to be random events, but too varied across different insurers' 
situations for a clear pattern to emerge. Results vary too much from firm to firm  to support a clear estimate 
o f the overall size or pattern o f unequal impacts on people o f color, but the limited data studied do suggest 
that such impacts may exist. Data also indicate that low income people are more likely than higher income 
people to have their premiums raised as a result o f credit scores.

Other aspects o f  credit scoring outside the scope o f the data in this study -  such as insurer refusals based on 
credit scores, and inaccuracy in credit sco ns - should also be investigated.
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BACKGROUND
Since the mid-1990s, many insurance companies have been using consumer credit history as one o f the 
factors they consider when they make decisions about how much to charge for auto, homeowners' and 
renters’ insurance, and when to cancel or non-renew insurance policies.

Because credit scoring increases premiums for some people and reduces premiums fo r others, this practice 
has generated vigorous debate. Questions have been raised about the validity o f  credit history as a predictor 
o f  risk, its fundamental fairness, and the impact o f credit scoring on people o f  color and the poor.

Insurance companies contend that there is a correlation between lower credit scores1 and higher loss ratios. 
Therefore, insurers argue, using credit history is fair, and benefits consumers whose good credit scores 
indicate lower risks. Insurance companies also argue that using consumer credit history is non- 
discriminatory because it is “ color blind,”  and because there is no consistent correlation between level o f 
income and credit score.

Consumer groups contend, however, that while credit scoring may not be intentionally discriminatory 
against people o f color and the poor, it may nonetheless produce disparate impacts that unjustly harm these 
groups. Consumer groups also note that the data in credit reports are often inaccurate, and that the process 
for correcting inaccuracies is cumbersome and time-consuming, especially for those whose time is already 
stretched by work and family obligations.

Moreover, credit scoring models and how they are used vary from one insurance company to another. 
Therefore, it can be very d ifficu lt for consumers to know how they are affected when credit scores are used 
as one element in a complex formula for determining rates or assigning consumers to risk pools.

Since 1996. insurers’ use o f credit scoring has increased, and so has the intensity o f the debate about this 
practice, in 2002,26 state legislatures considered bills to regulate or restrict this practice, and The 
Washington State Legislature adopted ESHB 2544. (Described in more detail below.)

In 2001, the National Association o f Insurance Commissioners (NAIC) formed a work group to study this 
issue, to develop regulatory options, to provide consumer information, and to consult w ith the Federal 
Trade Commission (FTC) and the American Academy o f Actuaries. Washington Insurance Commissioner 
Mike Kreidler co-chairs this work group.

The NAIC workgroup has already achieved two specific changes:

• The FTC has reiterated, in a strong public statement, that insurers must provide notice to consumers 
when an action, which is based on credit score, adversely affects them. Prior to this statement, insurers 
maintained that certain actions, such as not offering the lowest price, were not necessarily adverse 
actions.

• At the request o f the NAIC, the American Academy o f Actuaries has evaluated four studies on 
insurance credit scoring. They concluded that these studies do not directly address the issue o f whether 
this practice has a disparate impact on people o f color and/or the poor. This is significant because 
insurance companies have cited these studies as evidence that insurance credit scoring does not have a 
disparate impact.

1 Credit scores used in insurance are not the same as determinations o f "credit worthiness" for mortgages, 
credit cards, or other loans. Credit scores arc based on the same raw credit information used for those 
purposes. However, the various components o f credit history arc considered or “ weighted”  differently for 
insurance purposes than they are for credit worthiness. Which particular components o f credii activity are 
considered, and the relative weighting o f each component, depend upon which o f many different statistical 
scoring models are used.
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According to the Washington State Office o f the Insurance Commissioner (OIC), consumers have 
submitted 374 written complaints involving credit issues between 1989 and 2003, and 82% o f these 
complaints were received between 1997 and 2002. The OIC also reports 1,164 consumer phone calls about 
the use o f credii scoring. In addition, the OIC has received numerous calls from concerned insurance 
agents about their inability to find insurance for people they believe to be good risks, but who have less 
than perfect credit scores.

The following accounts indicate why some Washington residents are concerned about the use o f credit 
scoring in insurance.

■ A Lacey couple was denied the best credit score because they pay all their 
credit cards in full each month.

■ A Seattle man suffered injuries from an accident involving a drunk driver.
A fter twelve surgeries and steep medical bills, he and his wife missed some 
payments on their bills. The wife is frustrated because she feels she shouldn’t 
have to pay as much for their insurance as the person with the DUI.

“ A Seattle area divorced mother sought bankruptcy protection when her ex- 
husband defaulted on his business debts and she was in danger o f losing her 
home. Now, because o f her ex-husband’s actions, her credit score has 
plummeted and she is required to pay much more for her insurance.

■ An American citizen established good credit in Canada, vvhere he lived for 21 
years. He recently moved to Washington and is having trouble finding 
reasonably priced auto insurance because insurers claim he has no credit 
history.

■ A 50-year-old woman who has never had a traffic accident or a ticket was laid 
o ff from an A ir Force installation where she had worked for 23 years. Her 
credit suffered because o f her unemployment.

■ A firefighter had to file bankruptcy during a dispute over his parents’ estate 
because his brother was embezzling assets. Subsequently, he was not renewed 
by his insurance company because o f his credit score.

ESHB 2544

In 2002, Insurance Commissioner Mike Krcidler, Attorney General Christine Gregoirc, and Governor Gary 
Locke requested legislation restricting the use o f credit scoring in personal lines o f underwriting and rate- 
making.* In response to this icqucst, the 2002 Washington State Legislature enacted ESHB 2544, now 
codified in RCW 48.18.545 (effective January 1, 2003) and 48.19.035 (effective June 30, 2003).

ESHB 2544 restricts the use o f credit scoring in several ways:

1. Insurance companies may not cancel or non-rcnew a person's insurance solely because o f his or her 
credit history;

2. Credit history may not be the principal basis for denial o f insurance;

3. The calculation o f  credit scores may not include

* Personal lines o f insurance include home, auto, and renter’s insurance.
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the number of credit inquiries;

■ medical bills;
" the initial purchase or financing o f a vehicle or home;
■ the type o f credit, debit, or charge card;
■ total available credit;
• disputed credit items (once resolved in the consumer’s favor); and,
■ lack o f credit history, unless actuarial data show that the resulting rates are not 

excessive or discriminatory.
In September, 2002, the Insurance Commissioner issued rules to implement the new law. The rules define 
and further clarify the notices that must be provided to consumers when an adverse action is taken against 
them based on credit history. The rules also specifically d irect insurers to file their credit scoring models 
with the Insurance Commissioner. Under the terms o f ESHB 2544, these credit-scoring models are 
considered proprietary information that w ill be kept confidential unless the Insurance Commissioner 
undertakes an enforcement action.

ESHB 2544 also directs the Insurance Commissioner to produce two studies -  the first due in January, 
2003, and the second due a year later. The first study is a review and analysis o f  insurance credit scoring 
that includes:

1. The types o f consumers who benefit from or arc harmed by the use o f credit history as a basis for 
insurance rating and underwriting;

2. The extent to which the use o f credit scoring affects rates charged;

3. Whether insurance credit scoring results in discrimination against the poor or people o f color.

This study focuses solely on auto insurance, and is designed primarily to address the third o f these topics: 
effects upon the poor and people o f color. In addition, it provides some information about the first topic -  
the general pattern o f positive and negative effects from credit scoring.

The second report, due in January, 2004, w ill analyze how the implementation o f ESHB 2544 has affected 
consumers.
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METHODOLOGY
Credit reporting agencies, which are regulated by the Federal Fair Credit Reporting Act, sell credit-scoring 
services to insurance companies. These credit scores are used by insurers to decide whom to insure and 
how much premium to charge. A  credit-scoring model takes personal credit history, and converts that data 
to a “ credit score”  using a complicatea statistical formula.

These models are based on past patterns o f credit behavior that have been correlated with 
insurance claims. Although credit-scoring models use the same raw data on which credit 
worthiness is determined for mortgages, credit cards, and other loans, they use it 
somewhat differently. The various components o f credit history are considered or 
“weighted” differently for insurance purposes than they are for credit worthiness. The 
particular components o f credit activity considered, and the relative weighting o f each 
component, depend upon which o f many different statistical scoring models is used.
This study collected empirical evidence on the demographics o f credit scoring, and evaluated the incidence 
o f credit scoring effects on certain demographic groups.

The data used in this study were based on records o f policyholders who were insured by three insurance 
companies. Because o f this reliance on customer records, this study cannot assess the impact o f 
underwriting actions where individuals were denied coverage, nor o f situations where an individual was 
quoted such a high price for coverage that they chose not to buy it from that insurer.

The statistical models used for computing credit scores are very complicated, and are considered 
proprietary assets by credii reporting agencies. Many variations o f credit scoring models exist, and insurers 
often request that models be customized to fit their customer base, service area, and underwriting practices. 
Thus, there is no single credit-scoring model about which definitive conclusions can be reached. For 
examples o f the factors used in credit scoring models see Appendix A. Different insurers use these factors 
in different ways in underwriting and pricing.

The primary focus o f the analyses in this report was the relationship o f negative effects to ethnicity or 
income characteristics. In both cases, analyses were done on an age-adjusted basis. Multivariate models 
also evaluated the possibility o f effects by gender, marital status, and location.3

The results o f this study begin to describe the range o f possible results from credit scoring, but arc directly 
applicable only to the three firms whose customer data was used.

None o f these analyses could determine whether the shifts in costs (lower costs for people w ith higher 
credit scores: higher costs for those with lower or no credit scores) for a specific demographic group were 
correlated with higher risks or claims for that group. This study examines the question o f whether the cost 
shifting affected all demographic groups equally.

D a t a
Three insurance companies each provided data on several thousand randomly chosen consumers. Each o f 
the three insurance companies used a different credit scoring model. Only one insurance company had 
cancelled policies solely because o f credit scores, and that practice had already been discontinued when the 
study began.

3 Two location distinctions were tested: Eastern Washington versus Western Washington, and inside a 
federal Metropolitan Statistical Area versus outside such areas. Federal Metropolitan Statistical Areas 
include counties with either major urban centers or significant suburban populations related to major urban 
centers.
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The insurance company data included

■ age,
■ gender,
■ residential zip code,
■ date policies started, and
■ credit scores and/or rate classifications.

About 1,000 o f each firm ’s consumers were contacted by phone. The phone survey gathered information 
about

• ethnicity,
■ marital status,
■ income level, and
■ for 212 people whose policies had been cancelled because o f low credit scores, 

information about how cancellation affected them, and how difficult it was to 
find replacement insurance.

S t a t i s t i c a l  M e t h o d s
The primary statistical methods used were linear and logistic multivariate regressions. Linear regressions 
calculate the best statistical “ f it"  among factors when they have arithmetic relationships; for example, when 
one factor tends to rise whenever another falls. Linear regressions were used to estimate the relationship 
between demographic characteristics and numerical outcomes or measures, such as credit scores or 
discounts. Logistic regressions calculate the best statistical “ f it"  among factors that influence a probability. 
For example, the models estimate how much an increase in a particular factor changes the probability o f  an 
outcome event. Logistical regressions were used to estimate relationships when the outcome under study 
was a categorical yes/no. such as being placed with a higher cost pool, having no usable credit file, or 
having a policy cancelled.4

Multivariate regressions are used to simultaneously estimate the strength o f multiple relationships among 
factors. For example, success in some sports may be a function o f an athlete’s physical characteristics, 
such as height and speed. Because longer legs cover more ground, the two often go together -  but not 
always. Separately comparing performance by height and by speed w ill overestimate the effect o f each. A 
multivariate approach produces a pair o f simultaneous estimates for the separate contribution o f each factor 
without “ double counting" the same performance for someone who is both tall and fast.

Multivariate procedures are essential to this study because o f the inter-relationship o f age with income and 
ethnicity, income generally rises with age, up until retirement age. In Washington State’s population, many 
ethnic minorities have arrived in substantial numbers over the last few decades. As a result, there are 
relatively few older minority members in the population. I f  data arc considered only by ethnicity, any

* In many cases, stepwise regression procedures were used. With stepwise regression, factors are added 
sequentially to the model. At each step, all o f the statistically significant factors not yet included are tested 
for inclusion in the model equation. The factor which most improves the fit o f the model is then added. 
This process is repeated and continues until all not-yet-included factors would not be statistically 
significant ifadded to the model. The standard probability value o f .05 was used as the statistical 
significance criterion.
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practice where older individuals have better results than yrunger ones can be misinterpreted as having a 
negative effect on minorities.

Because there is a substantial history in law and practice supporting higher risks and therefore higher 
premiums for younger drivers, age effects that favored older drivers were treated differently in this study 
from other demographic patterns. Analyses to detect other patterns were done on an "age-adjusted" basis 
so that age-related patterns were not mistakenly classified as unequal effects on groups based on income, 
race, gender, marital status or location.

Sample Size and Frequency o f Response
The sampling frames for telephone surveying were developed from contact information for random 
samples o f customers from each o f the three firms. The first step was to use the services o f Experian to 
check and update the telephone numbers for those in the lists. This step resulted in approximately 10% o f 
the telephone numbers being updated.

The goal was to obtain a response rate o f approximately 50%. Names were in itia lly  selected from the 
sample lists, and then five attempts to reach those telephone numbers were conducted on various days o f 
the week and at various times o f the day to control for sampling bias. Additional potential respondents were 
randomly selected from the sample lists only after five attempts without a successful interview, or when a 
disconnected or wrong number was determined to be non-traceable.

Non-Response to Specific Questions
Some o f the survey respondents declined to answer specific demographic questions. In come cases, the 
respondent was not the policyholder and did not know some o f the requested information. The following 
table indicates the “ decline”  and “ don’t know”  percentages for the income question. Refusal and “ don’t 
know”  rates on all the other items were substantially lower. These results are consistent with typical refusal 
rates for such demographic questions. In fact, the refusal rate for the income question was about ha lf o f 
what is normally experienced.

Figure 1 
Percentage Who Answered Refused or Don’t Know

Firm  1 Firm 2 Firm  3

Cancelled/High
Score General Sample

Income 10.70% 7.5%% 8.80% 8.90%

Developing and Selecting Regression Models

Although the questions posed for this study appear clear and direct, answering them is 
complicated. Each insurer had different practices and provided different data. Company 
policies changed in important ways during period under study. The relationship between 
credit scores and factors such as income can take several different form s,5 which expands 
analysis beyond a single test o f a single variable. The results presented in this report

5 Credit score might double when income doubles. Or, credit score might rise whenever income rises, but 
not at a constant rate. As an example, doubling a low income might be associated with a credit score 
increase o f 50%, while doubling a middle income might be associated with a much smaller credit score 
increase, like 20%. Or very low-income individuals might have lower credit scores than middle and upper 
income individuals, among whom income makes no difference at all.
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were selected after investigation o f many alternatives as providing the most accurate and 
representative picture o f the relationship between credit scoring and demographic 
characteristics in these samples.

S t r e n g t h  o f  t h e  R e s u l t s ___________________________________________________
The multivariate regression models only explain a fraction o f  the variance in score or discount found in the 
sample population. The strength o f the relationship estimated in multivariate, models are measured using a 
statistic called R-squared. I f  there is no correlation, the R-squared would be 0. I f  the model combined 
several factors to produce an exact prediction o f each policyholder’s score or discount, the R-squared 
would be 1.0. R- squares for the regressions for this report range roughly from 0.04 to a 0.3, with most 
between .05 and 0.15. (See Appendices C through E) This indicates that while there are statistically 
detectable patterns in the demographics o f credit scoring, most o f  the variation among individual scores is 
due to random chance or other factors not in this data.

Some o f the correlations with specific factors are strong and consistent. In particular, there is a strong 
positive correlation with age: older individuals tend to have more positive credit scores and score- 
influenced insurance effects. Other correlations are not as strong, as noted in the discussion o f individual 
analyses.
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F ir m  I

THE ANALYSIS

Questions
The first review involved three questions:

Are credit scores independent o f demographics?
What were the effects o f credit-based policy cancellations?
What is the pattern o f credit scores among this insurer’s policyholders?

Structure
Policyholder information was provided which covered three periods, during which the company had three
different policies on the use o f credit scores.

1- Period One: For a time, the i ompany was terminating coverage o f some policyholders based on 
negative credit score information. A sample o f policyholders cancelled during this period was 
provided.

2- Period Tw o: The company discontinued credit-based cancellations, but continued to acquire credit 
scores on all policyholders and applicants, using this information for risk and rate assignment. A 
random sample o f all policyholders was provided for this period. In addition, a sample o f very 
high credit score policyholders was provided for this period. This sample was used for comparison 
with the cancelled policyholders.

3- Period Three:The company shifted to using credit scores selectively, acquiring this information 
only on a fraction o f new applicants. How these individuals were selected or how the information 
was used is not known. A  small random sample o f policyholders who were first covered during 
this period was included.

Cancelled and High Score Samples
The samples surveyed included cancelled policy holders (n = 212), as well as those with the highest credit 
scores (n=217), providing a margin o f error o f approximately o f +/- 5% for a yes/no question.'’ The 
response rates for those cancelled and for those with high scores were 66% and 71% (respectively), o f 
those whom the interviewers tried to contact.

General Sample
The survey ofthe general sample o f policyholders resulted in 996 responses. The response rate was 61% 
o f those whom the interviewers tried to contact. This sample sizes provided a margin o f error o f 
approximately +/- 3 percent for a yes/no question.

Data Provided
In addition to age, gender, and zip code, the insurer also included credit scores and policy start dates.7 
Three separate samples were provided:

1- Policyholders previously cancelled because o f low credit scores
2- Current policyholders with very high credit scores, and

6 This means that we can be 95% confident that the survey results for a typical yes/no question are within 
+/-5% o f the results we would get i f  we surveyed the entire population. A  confidence level o f 95% means 
that only once in 20 times would we be wrong in making this assumption.

' As well as some driving record information that did not play a major role in this analysis.
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3- A  random sample o f current policyholders.

Period 1

Demographics of Cancellation
To determine whether credit scores were independent o f demographic characteristics, the sample o f 
cancelled policyholders was compared with a sample o f policyholders from the extreme high end o f the 
credit score spectrum. Credit scores ranged over a scale o f about 560 points. The threshold for policy 
cancellation included the bottom 0-150 points on that scale.8 The sample o f very highest credit scores were 
all within 20 points o f the maximum, ranging from 540 to 560.

The dominating statistical difference was age. There was almost no overlap in the ages o f the two groups. 
Ninety percent o f the cancelled policyholders were under 55; in contrast, 93% o f the highest scoring 
policyholders were over 65. Given this near-total separation o f the two groups, there was very little 
potential to determine what other differences existed between the groups. P

These two samples were so different that we can conclude that credit scoring is definitely not totally 
independent o f demographic characteristics. However, age differences so dominate this comparison that no 
definitive conclusions could be reached about possible demographic differences other than by age.

Survey Data on Cancellations in Period One
The phone survey asked cancelled policyholders additional questions about the 
consequences o f cancellations. The key results were:

■ Five percent o f those cancelled could not obtain replacement coverage.
■ Over a quarter experienced a period o f no coverage between the expiration o f 

the cancelled policy and obtaining a replacement policy. This had a particular 
(statistically significant) impact on minorities. Minority cancelled policyholders 
more often reported a period o f lapse in insurance coverage between 
cancellation and obtaining new coverage. A substantial 54.3% among 
minorities reported a lapse in insurance coverage, compared to 24.2% o f 
whites.

■ Over 40% reported that obtaining replacement insurance was “very difficult." 
Higher premiums and applications to multiple insurers often resulted.

■ Less than half reported that the letters they received from insurers adequately 
explained the reasons for cancellation.

■ Over one quarter o f those cancelled for low credit scores had no “ incidents" in 
the insurer’s records, though some had been with the insurer for more than ten 
years. Seventeen prrcent o f apparently accident-free cancelled policyholders 
were minorities.

8 S o m e  a d d i t i o n a l  c a s e s  w i t h  h i g h e r  c r e d i t  s c o r e s  w e r e  a l s o  c o d e d  as  h a v i n g  b e e n  c a n c e l l e d  f o r  c r e d i t  s c o r e  
r e a s o n s ,  a l t h o u g h  t h e i r  r e c o r d e d  c r e d i t  s c o r e  w a s  a b o v e  th e  c a n c e l l a t i o n  c u t o f f  i n d i c a t e d  b y  th e  f i rm .

' T o  th e  v e r y  l im i t e d  e x t e n t  th a t  the  tw o  s a m p l e s  o v e r l a p p e d ,  th e  c a n c e l l e d  p o l i c y h o l d e r s  i n c l u d e d  m o r e  
m i n o r i t i e s ,  m o r e  s i n g l e / d i v o r c c d / s c p a r a t e d  i n d i v i d u a l s ,  a n d  m o r e  v e r y  l o w - i n c o m c  i n d i v i d u a l s .  H o w e v e r ,  
the  d i s s im i l a r i t y  o f  th e  s a m p l e s  m a k e s  th e s e  f i n d i n g s  i n c o n c lu s i v e .
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Period Two
Period Two had the largest sample o f any o f the three policy periods covered in the data.

Credit Score
In Period Two, non-zero credit scores varied over a range o f about 535 points.10 Age was the dominant 
demographic factor associated with credit scores.11 On an age-adjusted basis, there was no statistically 
significant relationship between credit scores and ethnicity or income.

Score of Zero
Inadequate credit files resulted in scores o f zero, which presumably had a negative effect on rate 
classification. The only statistically significant association was that very low-income policyholders were 
much more likely to have insufficient credit history. Overall, only about one in 25 policyholders had a zero 
score, but for those in the lowest income group (less than 525,000 annual income), those probabilities shift 
to one in five.

Period Three
Credit scoring was only performed selectively, and the sample was too small to determine either the 
demographics o f those select ed for credit scoring or the patterns o f  their scores.

F i r m  2

Questions
Based on the findings from the first review, the principal questions were to determine the demographic 
pattern o f both credit scores and the economic effects o f those scores. Effects on policyholders with scores 
o f “ zero" due to inadequate credit history were identified as requiring separate analysis.

Structure
Firm 2's application o f credit scoring was the simplest to analyze. Results for this firm  have the fewest 
technical complications. This firm used credit scores to determine discount percentages from rates 
otherwise determined by tradiiional underwriting criteria, so the effect o f credit scores is clearly 
represented by the distributior. o f discounts. The firm did not implement other major changes in rate 
setting at the time they implemented credit scoring. As a result, there is a subsiantial population o f 
policyholders carried forward from the pre-credit scoring period.

This firm  also had a significant number o f policyholders with insufficient credit files. After discussion with 
the Office o f the Insurance Commissioner when they filed their rating plan, the firm  chose to rate such 
individuals at approximately the average discount given to all other customers. So, although we have 
separately analyzed the demographics associated with their “ zero score”  policyholders, it is not clear that 
having a "zero score”  has a negative impact on those insured by this particular firm.

Sample
The survey resulted in 1,000 responses. Among those contacted, 72.6% agreed to participate. This 
constituted 43.3% o f those whom the interviewers tried to contact. This sample sizes provided a margin o f 
error o f approximately +/- 3 percent for a yes/no question.

Data Provided
In addition to age, gender, and 2ip code, the insurer provided data on credit score, rate category, discount,

I n This credit score scale did not start at 1. but at an arbitrary higher number.
II On average, every ten years o f age was associated with an increase in credit scores o f approximately 37 
points (out o f 535).
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score order dale, unusable thin or nonexistent credit record, and policy start date.i:

Analyses

Premium13
Rate adjustments based on credit scores ranged from 17 % below average to 33% above average. Age was 
the more strongly correlated with credit-based rate adjustments than any other demographic factor 
considered.

Ethnicity
There were statistically significant differences, on an age-adjusted basis, for two ethnic groups, when 
compared with the majority ethnic group, Caucasians:

Credit scoring affected rates for two ethnic groups:14

■ Rates for Asian/Pacific Island policyholders were reduced by about 5.5% o f the 
average rate, relative to whites o f similar age.

■ Rates for Native Americans were higher by about 15.8% o f the average rate, 
relative to whites o f similar age.

Income
Credit scoring raised the average costs for poor policyholders relative to affluent 
policyholders. Across the entire income range, better-off policyholders had more 
favorable rate adjustments on average.

The poorest policyholders (under-S20,000 annual income) averaged rate increases o f 
about 4% relative to the rates charged the 550,000 to 575,000 income group.
Policyholders in the top category, SI 50,000 and up annually, averaged rate declines o f 
about 4% relative to the 550,000 to 575,000 income group. These differences are 
adjusted to compare individuals o f similar age.
Combination o f Ethnicity and Income
Because ethnicity is associated with lower incomes among this Firm’s customers, the two effects cannot 
simply be added together to calculate, for example, the total average effect for policyholders who are both 
Native American and poor. The effects are slightly overlapping. So, on average, credit scoring raises the 
rates o f poor Native Americans more than the rates o f other low-incomc policyholders, but by less than the 
sum o f 4 % and 15.5%.15

Zero Score
Ethnicity
After adjusting for the differences in the age composition o f ethnic groups, there were no statistically

As well as some driving record information not used in this analysis.
1 1 .

This analysis for effects on premium adjustments considered only those with non-zero credii scores.
14 Two different age adjustments were fitted, with nearly identical results.
15 The overlap reduces the effect to about 1.3 percentage points less than the sum o f the separate effects. 
Low income Native American averaged about a 14.4% increase, relative to the low-incomc white 
population. The income effect declines slightly in the combined regression estimating both ethnicity and 
income. Credit scoring is estimated to have raised average rates for very low income Native Americans by 
about 18.2% relative to mid-income (S5Q-S75.000) white policyholders o f similar age.
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significant differences in the proportions o f different ethnic groups who had a zero credit score.

Income
Credit scores o f zero were more common among policyholders in the two lowest income categories. The 
overall probability o f having a zero score was 28%. I f  a person had that average probability (28%) at 
middle and upper income levels, at low-income levels the same person would have a higher likelihood o f a 
zero score:

48% i f  the group had annual incomes between S20,C 30 and S35.000, and 
76% i f  the group had annual incomes between S20.000 and 535,000.

F i r m  3

Sample
The survey resulted in 978 responses. Among those contacted, 87.0% agreed to participate. This 
constituted 63.0% o f those whom the interviewers tried to contact. This sample provided a margin o f error 
o f approximately+.3 percent fora yes/no question.

Questions
Based on the findings from the first review, the principal questions were to determine the demographic 
pattern o f both credit scores and the economic effects o f those scores. Effects on policyholders with scores 
o f “ zero" due to inadequate credit history were identified as requiring separate analysis.

Structure
This firm uses credit scoring in two ways.

First, in combination with other traditional underwriting factors, credit scores are used to assign 
applicants to either the standard risk pool or a higher-cost pool. O f the sample reached by phone 
interviewers, 362 had been placed in the non-standard higher rate pool, and 616 w ith the standard 
rate pool.
Second, within each pool, a credit-based score is assigned, and this score is used as a starting point 
for determining a premium rate.

Data Provided
In addition to age, gender, zip code, and policy binder date, the insurer provided data on the insurance pool 
customers were placed in, and which o f five “ bands" or tiers their credit score placed them in .16 There was 
no identification o f individuals with insufficient credit files to generate a score. However, the insurer 
places such policyholders in the next-to-lowest band, with premiums '-ughcr than average, but lower than 
their maximum. Therefore, the analysis o f premiums shifts for this firm examines two effects o f credit 
scoring in combination. It analyses the combined effect o f both the direct influence through credit scores 
and the indirect influence through classification o f those with score o f zero due to inadequate credit history.

Analyses

Assignment to R isk Pool
The first step, assignment to regular or high-cost pools, was evaluated for demographic patterns. However, 
this step involves not only credit information, but also other driving-related data. Therefore, we cannot 
conclude that any identified unequal impacts were caused by credit scoring. These impacts might result, 
partly or entirely, from the driving and insurance histories o f the firm 's customers, and not from their credit 
scores.

16 Also included was information on type o f insurance and fin?’ -emium classification, which was not used 
in this analysis.
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The effects o f this combined credit and driving evaluation are quite marked demographically. People were 
more likely to have credit scores o f zero i f  they were young, poorer, African American and/or Hispanic.1" 
However, because this is not a purely credit-based determination, it cannot be concluded that this unequal 
impact results from credit scoring.

Prem ium  Levels
The firm ’s premium rating process, which relies solely on credit scoring, was evaluated separately for each 
o f the two insurance pools.

Lower Cost Pool- Ethnicity
Credit score information raised Hispanic policyholders' rates by an average o f  4% o f average premiums, 
relative to white policyholders o f similar age.1

Lower Cost Pool- Income
There was no statistically significant connection between income and rate adjustments based on credii 
information, with or without adjustment for differences in age distribution.

High Cost Pool- Ethnicity
Credit score rating raised rates for two ethnic groups:

For Blacks, by 5.6% o f average premium, relative to whites o f similar age,
For Native Americans, by 8.6% o f average premium, relative to whites o f sim ilar age.

ILiph Cost Pool Income
There was no general correlation between income and credit score rate adjustments across all income 
levels. However, for those with incomes below S20,000, analyses consistently indicated rates about 2% 
above other income groups, even with adjustments for age and ethnicity. While this difference was 
consistent, it was not always statistically significant, depending on the technical specifics o f  the model.

High Cost Pool Overlap o f Ethnicity and Income
In a combined analysis including ethnicity, age and income, the effects do not cancel each other out. So the 
results can be thought o f as additive.19

See Appendix Efor coefficients and regression details.

1' The proportion o f individuals placed in the higher cost pool was 37%, or overall odds o f about 3-to-5. I f  
a white person o f a particular age had this average probability (37%) o f having a zero score, an otherwise 
similar black person had a 60% probability, and a Hispanic person, a 69% probability. I f  a person with a 
S65.003 annual income had the average probability o f a zero score (37%), the average person o f the same 
age with an income o f S30,000 would have a 50% probability o f a zero score.
Ih Smal I numbers o f ethnic minorities, and the refusal o f some o f those few to provide income information, 
made it impossible to measure the possible interaction o f ethnicity and income with any certainty.

In fact, the estimated difference for African-Americans and Native Americans gets slightly larger in the 
combined analysis. The combined effect for poor African-Americans is 8.5%, and the combined effect for 
poor Native Americans is 11.3%. Paradoxically, while the factor for Native Americans both gets larger it 
also exceeds the statistical significance lim it o f .05, rising to .066. One o f the consequences o f the 
relatively low numbers o f minority groups in the samples is that small changes in data or analytic models 
can change the results o f statistical significance tesB.
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CONCLUSIONS
Based on these analyses, it is probable that credit-scoring impacts are not equally distributed across 
demographic groups. In almost every multivariate analysis, some groups were significantly associated with 
differential effects that have economic consequences. Although there were considerable differences among 
the models, it did not appear to be mere random variation.

The demographic effects varied significantly among the three insurers studied. Assuming that these three 
insurers arc representative o f insurers in general, substantial variation among insurers should be generally 
expected. Based on the variations found in these three firms, and on a limited literature review, variation in 
effects is likely due to differences in:

a. The credit scoring model used,
b. The population to which it is applied, and
c. The role credit scoring has in the insurer's underwriting and ratemaking processes.

Therefore, an overall conclusion that credit scoring generally does or does not have a particular consistent, 
quantifiable, unequal negative effect on certain demographic groups is premature. Possible negative effects 
w ill have to be directly evaluated using data on the outcomes for each insurer’s practices and clientele, at 
least until there is more understanding o f when and why particular unequal impacts result.

Classification based on credit score is not identical to classifying people based purely on demographic 
groupings. Rather, dcmographically unequal impacts appear to be significant side effects o f credit scoring. 
No large demographic group has uniformly low credit scores. However, low credit scores may be much 
more common in some groups than others.

There are other potential negative consequences o f credit scoring that are beyond this study’s scope.
Possible demographic inequality in decision about whom to insure is one such possibility. Erroneously 
identifying individuals for higher risks and premiums based on information unrelated to risks is another. 
Another pos-o ility  is inaccurate credit scores due to inaccurate information in fnc credit history systems.

S p e c i f ic  D e m o g r a p h ic  P a t t e r n s

Age is Most Significant
In most analyses, older drivers had, on average, higher credii scores and lower probability o f a zero credit 
score.20 Because this pattern favors older drivers, and using youth as a risk factor for auto insurance has 
well-established legitimacy, age was considered mostly as an adjustment factor when analyzing the 
correlations o f other characteristics with credit scores. Analyses for patterns in other demographic 
characteristics were done on an age-adjusted basis, except where testing demonstrated that age was not a 
significant factor.

Other Key Characteristics
Possible negative effects on ethnic minorities and low-incomc individuals were o f particular concern in this 
study. The relationship o f income and ethnicity to credit scores was much less consistent than the 
relationship between age and credit scores. It is possible that one implemcntatioi A  credit scoring has 
significant effects in these areas, while another implementation docs not. Larger samples and studies o f 
additional insurers might clarify the patterns among these factors.

There is some evidence that the age effect flattens at the lower end, and that those under 30 do not have 
worse credit associated scores and impacts than those aged 30-40, but this is complicated by age-related 
differences in the percentages not having a usable credit score.
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1. I n c o m e
Income was the second most frequent factor o f statistical significance, whether as a general tendency for 
credit scores to get better with rising income, or as a tendency for those in the lowest one or two income 
categories to have negative effects. In some cases, lower income was also associated with higher 
probability o f receiving a zero credit score due to lack o f credit history.

2. Ethnicity
Ethnicity was also found to be a statistically significant factor in several cases. However, the relatively 
small numbers o f ethnic minorities, arid the number o f refusals and unclassiftable survey responses made 
this very d ifficu lt to pin down. In general, the Asian/Pacific Islandtr individuals had credit effects more 
similar to whites than to other people o f  color. For non-Asian/Pacific Islander minorities, in those cases in 
which ethnicity differences were found to be significant, the differences were in the direction o f higher 
costs for ethnic minorities.22

Other Factors Insignificant
Statistically significant results for gender, marital status and location were sufficiently infrequent that, i f  
these three firms are a representative sample, less attention needs to be paid to possible patterns o f negative 
effects for these groups. However, other reports indicate that some other insurers include credit 
information on additional drivers beyond the named policyholder in their credit scoring processes. It would 
be important to fu lly  evaluate possible gender and marital status factors in studying insurers employing 
such practices,

21 The lowest categories were “ less than S20.000 per year" and “ S20.000 to S35.000 per year."
** The consistency with which estimated effects for most minorities were in the direction o f higher costs is 
one o f the reasons this report recommends serious study and further investigation with larger samples. 
While estimated ethnicity effects often failed to pass tests for statistical significance, they were almost 
always in the direction o f higher costs for minorities, except for Asian/Pacific Islanders.

Effect o f  Credit Scoring on Auto Insurance Underwriting and Pricing 18



T r a n s Un io n  R e a s o n  C o d e s  f o r  N e g a t iv e  O r  D e r o g a t o r y  C r e d it  
R e p o r t s ______________________________________________________________________
Excessive or unknown amount owed on accounts
Recent delinquency
Absence o f revolving credit accounts
Too many accounts with baknces

Too many finance company accounts
Too many recent credit checks
Too many new accounts
Proportion o f revolving balances to revolving credit lim its is too high or there are no revolving credit 
accounts
Excessive amount owed on revolving accounts 
Insufficient length o f revolving credit history 
Delinquency date too recent (or date unknown)

Insufficient length o f credit history 
Delinquency
Recent derogatory public record or collection 

Past due balances
Delinquency, derogatory public record or collection
Presence o f collection accounts

Too many revolving accounts with balances
Date o f last credit check too recent or unknown
Insufficient time since most recent account established

Unfavorable number o f installment loan accounts
Too many installment loan accounts with outstanding balances
Insufficient time since most recent installment loan established

Too many accounts with high credit amounts
Proportion o f loan balances to installment loan amounts is too high
Unfavorable number o f real estate accounts

Too many new or existing finance company accounts
Prior installment loan delinquency or no installment loans present
Unfavorable percentage or open revolving accounts to all other accounts

Presence o f delinquency, public record or collection
Delinquency on open revolving accounts
Finance company account opened recently

Unfavorable number o f accounts
Unfavorable length o f time since most recent retail account opened 
Too many recently active finance company accounts 
Unfavorable number o f recently active accounts 
Unfavorable number o f revolving or open accounts 
Unfavorable number o f adverse public records

A P P E N D IX  A
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A P P E N D IX  B

R a n g e  o f  D e m o g r a p h ic s  in  t h r e e  in s u r e r s ’ c l i e n t e l e *
Race

Low High

Black 0.3 % 3.3%
Hispanic 1.5°/, 7.4%
Caucasian 77.3% 94.3%
Asian/Pacific Islander 2.6% 9.1%

Native American 0.8% 1.5%
Multi-Racial 04% 1.1%
Other 0.4% 0.7%
M arita l Status

Single. Divorced, Separated 22.5% 44.9%
Married/Widowed 55.1% 77.5%

Gender

Male 46.6% 66.0%

Female 34.0% 53.4%
Geography

In Eastern Washington 13.0%> 16.2%

In Metropolitan Statistical Area 76.0% 85.2%

Age D istribution

Under 30 6.4% 30.1%

Between 30 &  40 11.4% 26.7%

Between 40 &  50 21.1% 28.3%
Between 50 &. 60 13.7% 22.5%

Between 60 &  70 5.5%. 17.2%
70 & Up 3.9% 17.2%
Annual Income
Under S20.000 13.0% 23.9%
S20,000-535,000 19.2% 27.1%
S35.000-S50.000 20.8% 23.1%
S50.000-S75.000 16.7% 21.3%
S75.C30-S 100.000 5.4% 11.5%
S100.000-S 150.000 2.9% 7.6%
Over S I50.000 2.3% 4.2%
’ Estimated from Telephone Survey Samples
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A P P E N D IX  C

F irm  1 R eg r essio n s  f o r  e f f e c t  on  c r ed it  sco re

Notes:

The dependent variable is credit score
Credit scores varied by 535 points, from lowest to highest 

Ethnicity and Income
Notes:

Both Ethnicity and Income were not found to have statistically significant correlations with credit scores in 
this case.

Correlation with Age and other factors is shown in the regression described below.

Linear Regression

Sample N 889
R Square 0.303
Adjusted R Square 0.300

Unstandardized
Coefficients

Standard 
Erro r Of 

Coefficient

Standardized
Coefficients

T-
Statistic

Range Of 
V a lu e s

S ig .

Age at Rating 3.696 0.199 0.529 18.620 22-98 0.000
Married Fem ale 15.79C 5.865 0.076 2.692 0-1 0.007

Eastern Washington -17.820 7.747 -0.065 -2.300 0-1 0.022

Constant 518.528 11.064 46.864
*Bolded entries in the first and last colum ns indicate sta tistica lly  sign ificant variab les.
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Calculation o f Change in score
Notes:

The Coefficients for Married Females and Eastern Washington residents are directly interpretable as:

■ Plus 16 points or. average for married women, after adjusting for age and proportion living in 
Eastern Washington

’ Minus 18 points on average for Eastern Washington residents, after adjusting for age &  proportion 
o f married females

The results for married females appiy to those cases in which they are the lead policyholder or "named 
insured".

Example Used In Footnote
Coefficient 

(Change per 
one unit of the 

Factor)

Shift Measured 
in Years of Age 

difference

Credit Score 
Po in ts

Age at Rating 3.69£ 10 37.C

F i r m  1 R e g r e s s io n  f o r  h a v in g  a  c r e d it  s c o r e  o f  z e r o  d u e  t o
INADEQUATE CRED IT H ISTORY ___________________________________

Ethnicity

Evidence Tha t Correlations With Ethnicity A re Not Statistically Significant A t This 
Sample Size
Note: The dependent variable is the categorical outcome o f having a credit score o f zero. Coding 1 =

having a score o f zero.

Logistic Regression

Sample N 917
Cox & Snell R Square 0.015

Napelkcrkc R Square 0.053
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Raw
Coefficient

Standard
Erro r

W ald
Statistic

Range Of 
V a lu es

Sign ificance
Exponentiated

Coefficient

Age -0.163 0.061 7.117 22-98 0.008 0.850

Age Squared 0.002 0.001 8.949 484-9604 0.003 1.002

African  Am erican -4.597 34.87S 0.017 0-1 0.895 0.010

H ispanic -4.997 16.591 0.091 0-1 0.763 0.007

A sian/Pacific  Islander 0.917 0.775 1.400 0-1 0.237 2.502
Native Am erican -4.83C 30.055 0.026 0-1 0.872 0.008

Multi-Ethnic -4.692 21.321 0.048 0-1 0.826 0.009

Constant 0.471 1.643 0.082 1.00C 0.775 1.601
‘ Bolded entries in the first and last colum ns indicate statistically sign ificant variables.

Income

Note: The dependent variable is the categorical outcome ofhaving a credit scote o f zero. Coding 1 =
having a score o f zero.

Logistic Regression

Sam p le  N 847

C o x  & Sne ll R  S qua re 0.026

Nagelkcrke R Square 0.094

Raw
Coefficient

Standard
Erro r

W ald
Statistic

Range
Of

V a lu es
Sign ificance

Exponentiated
Coefficient

Income less than $20,000 1.865 0.367 25.90C 0-1 0.000 6.458

Constant -3.69C 0.239 239.195 0.000 0.025
‘ Bolded entries in the first and last colum ns indicate statistically  sign ificant variables.

Calculation O f Odds And Probability Shifts For Example In Text

Typical
Probability

Probability 
Expressed  
A s  Odds 

Ratio 
Relative To 1

Exponentiated
Coefficient

Odds Ratio 
With 

Characteristic 
(Relative 

To 1)

New Odds 
Ratio 

Expressed  
As

Probability
Income less than $20,000 0.04 0.042 6.458 0.269 21.2%
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A P P E N D IX  D

F ir m  2 R e g r e s s io n s  f o r  P r e m iu m  S h if t _____________________________
Ethnicity
Notes:

The dependent variable is percentage reduction in premium down from maximum rates.

Credit based rate adjustments ranged to 32 % below maximum, which translates as from 17% below 
average premium to 33% above average premium.

L inear
Regression

Sample N 767

R Square 0.05E

Adjusted R Square 0.05E

Unstandardized
Coefficients

Standard 
Erro r of 

Coefficient

Standardized
Coefficients

T-
statistic

Range of 
V a lu es S ig .

African Am erican -3.755 3.127 -0.043 -1.201 0-1 0.230

H ispanic -2.686| 1.999 -0.047 -1.345 0-1 0.179

A sian/Pacific Islander 4.110 1.914 0.075 2.147 0-1 0.032

Native Am erican -11.827 3.133 -0.131 -3.775 0-1 0.000
Age at Rating 0.250 0.039 0.273 6.367 16-91 0.000

Age less than 30 2.967 1.414 0.090 2.098 0-1 0.036

Constant 14.598 1.890 7.722 0.000
*Bolded entries in the first and last colum ns indicate statistically  significant variab les.

Calculation o f Change in Rates
Note: Each percentage point below maximum translates to 1.333 percentage points relative to the

average rate, which is 75% o f the maximum.

Coefficient

Conversion 
Factor From 
Percent Of 

Maximum To 
Percent Of 
Average

Change In 
Prem ium  

Expressed  As 
Percent Of 
Average

Asian/Pacific Islander 4.11C 1.333 -5.5%
Native Am erican -11.827 1.333 15.8%

Income
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First Version of Age Adjustment

Linear Regression

Sample N 767

R Square 0.072

Adjusted R Square 0.068

Unstandardized
Coefficients

Standard 
Erro r Of 

Coefficient

Standardized
Coefficients T-Statistic

Range Of 
V a lu e s S ig .

Income 0.966 0.283 0.121 3.419 1-7 0.001

Age at Rating 0.263 0.039 0.288 6.679 16-91 0.000
Age less than 30 3.710 1.438 0.113 2.581 0-1 0.010

Constant 10.923 2.106 5.187 0.000
‘ Bolded entries in the firr t and last colum ns indicate statistically sign ificant variables.

Calculation o f Change in Rates
Note: Each percentage point below maximum translates to 1.333 percentage points relative to the

average rate, which is 75% o f the maximum.

Coefficient 
(Change Per 
One Unit Of 
The Factor)

Shift As 
Measured In 
Number Of 

Incom e G roups

Conversion 
Factor From 
Percent Of 

Maximum To 
Percent Of 
Average

Change In 
Prem ium  

Expressed  A s  
Percent Of 
Average

Income 0.96E 3.000 2.898 1.33c -3.9%

Second Version o f Age Adjustment
Linear Regression

Sample N 767

R Square 0.076

Adjusted R Square 0.072
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